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®onj oneHouHbIX cpeacTB (POC) gBsIeTCS IMEMEHTOM CUCTEMBI OIICHUBAHUS COPMUPOBAHHOCTHA KOMIIETEHIIUH y 00yUYarONINXCs B I[EJIOM
WM Ha OTIpe/IeTICHHOM JTare ee (OpMHUPOBAHUSI.
®OC pazpabaTbiBaeTcs B COOTBETCTBUU ¢ paboueii mporpammoii (PII) qucuuruivbel ¥ BKItO4aeT B ceOs HaOOp OLIEHOYHBIX MaTepHalIoB IS

IIPOBEICHUS TEKYILErO KOHTPOJIS YCIIEBAEMOCTH U IIPOMEKYTOYHOM arTeCTaluy 110 JUCHHUILINHE.

1. KomnereHuuu u pe3yjbTaThl 00yueHus, GopMupyembie B pe3yJibTaTe 0CBOCHUS AU CUMIIIMHBI

Komnerennus

I/IH}IHKaTop KOMIICTCHIIUH

Kon u HanmeHoBaHue pe3yJIbTAaTOB
o0y4eHus (IIAHUPYEMBIE PE3yIbTaThI
00yUYeHUs, XapaKTePU3YIOLINE JTarlbl
(hopMHUpOBaHUS KOMITCTCHIINI )

KpuTtepuu oneHuBaHus pe3ybTaToOB 00y4YeHUs

3aureno

Hes3aureno

OIIK-2 — Cocoben
HCIIOIb30BaTh U
aJlanTHPOBATh
CYIIECTBYIOIINE
MAaTEMAaTHUYCCKUEC MCTOAbI
1 CHCTEMEI
MPOrPaMMHUPOBAHUS JUIS
pa3paboTKy U peau3anuu
AITOPUTMOB PEIICHUS
MPUKJIAIHBIX 33734,

HOIIK-2.1. Obnamaer
HaBbIKAMHU O0BEKTHO-
OpPUEHTUPOBAHHOTO
MPOrpaMMUPOBAHUS IS
pelIeHs TPUKIATHBIX 3a7a4 B
npogeCcCHOHANTBHOMI
JIeATEeILHOCTH.

OP-2.1.1. YMeTb NIpUMEHSTh
MIOJTydeHHbIE 3HAHUS 0OBEKTHO-
OpPUEHTHUPOBAHHOTO
MIPOrpaMMUPOBAHU NIPU pa3paboTKe
IIporpamMm

CdopmMupoBaHHBIC CUCTEMATUYCCKUE
3HAHUA U YMEHHUS, BO3MOXKHO
coJiepKale OTeIbHbIE IPOOEIIBI
3HaHUS U YMCHUS

OT1cyTcTBHE 3HAHUI U YMEHUI

HOIIK-2.2. [TposBasieT HABBIKK
MCTIOIb30BaHMsI OCHOBHBIX
SI3BIKOB IPOrPAaMMHPOBAHHUS,
OCHOBHBIX METOJIOB pa3paboTKu
IpOrpamMM, CTaHIapTOB
odopmIIeHHS TIPOTPaMMHON
JIOKYMEHTAIUH.

OP-2.2.1.30aTh S3BIKH
nporpammupoBanus C# u Python.
OP-2.2.2. 3natps OMOIMOTEKH NYMPY,
pandas, matplotlib st paboTsr ¢
HCKYCCTBEHHBIM MHTEIUIEKTOM Ha
s3pike Python.

OP-2.2.3.Ymerth paboTats ¢ online
KOMITHJISITOpPAMH KaK CpeCTBaMH
pelaKTHPOBaHUS, OTIAIKH,
KOMITWJISILIUY ¥ BBITIOJIHEHHS
IIPOrpamMM.

CcopmMupoBaHHBIE CHCTEMAaTHIECKHE
3HAHMS M YMEHHMS, BO3MOXKHO
coJIeprKalliie OT/AeIbHBIC TPOOEIIBI
3HAHMS U YMCHHS

OTtcyTcTBUE 3HAHUN U YMEHUI




NOIIK-2.3. JleMoHCTpUpyeT
yMeHHe 0TOopa cpean
CYIIECTBYIOIINX
MaTEeMaTHYECKIX METO/IOB,
Hanbosee MoaXOISIINX IS
pelIeHNsT KOHKPETHOM
MPUKIIaJHON 3a8a4H.

OP-2.3.1. 3HaeT OCHOBHBIE METOJBI
YHCIICHHOTO aHAJIM3a MaTeMaTHYeCKUX
MOZENeH W TpaHHWIbl IPUMEHHMOCTH
JaHHBIX METOJIOB.

OP-2.3.2. YMeeT ocymecTBIsATh BEIOOP
METOJ]a YHCICHHOTO PELICHHS 3amaqyd
MaTeMaTH4eCKOr0 MOJICTUPOBAHHSI.
OP-2.3.3. Bnageet mudpoBBIMEI

WHCTPYMEHTAaMHU, HEOOXOAUMBIMH JIJIS
YUCJIEHHOTO aHAJIN3a MaTeMaTHUYECKUX
MOJIeJIel MpU pelIeHuu KOHKPETHOH
TIPUKJIaJHOM 3aa4u

CdopmMupoBaHHBIC CHCTEMATUICCKUE
3HaHUS U YMEHUSI, BO3SMOXHO
CoJIepyKaIie OTAeIbHBIC TIPOOEITEI
3HAHUS U yMEHUS

OT1cyTcTBUE 3HAHUMN U yMEHUI

NOIIK-2.4. JleMmoHCTpUpYyeT
YMEHHE aJJallTUPOBaTh
CYIIECTBYIOLIHE
MaTeMaTHIECKHe METOIbI IS
peLIeHUsI KOHKPETHOMN
MPUKJIQTHON 3a1a4H.

OP-2.4.1. BnazseeT onbITOM afanranuu
CYIIECTBYIOIINX MAaTEeMaTUYECKUX
METOJIOB AJIS PELIEHUS KOHKPETHOM
MPUKIAIHON 3a1a4u

CdopmMupoBaHHBIC CUCTEMATUYCCKUE
3HAHUA U YMEHHUS, BO3MOXKHO
coJiepKale OTeIbHbIE IPOOEIIBI
3HaHUS U YMEHUS

OT1cyTcTBHE 3HAHUI U YMEHUI

OIIK-4 — Cocoben
MTOHUMATP TIPHUHITUITEI
paboTHI COBPEMEHHBIX
HHPOPMAIMOHHBIX
TEXHOJIOTUH 1
HCIIOJIb30BATh UX IS
peleHus 3aaa4
po¢eCCHOHATBHOMI
JIEeATEIBHOCTH.

NOIIK-4.1. O6nagaer
HEO0OXOAMMBIMHU 3HAHUSIMU B
o0nacTi HHPOPMAIIMOHHBIX
TEXHOJIOTHUi, B TOM YHUCIIe
NOHUMAET IPHHIMIBI UX
paboTHI.

OP-4.1.1. 3HaTh NPHUHIUIIEI pabOTEHI,
UCIIONB3yeMble B HH)OPMALMOHHBIX
TEXHOJIOTHSIX

CcopmMupoBaHHBIE CHCTEMAaTHIECKHE
3HAHMS M YMEHHMS, BO3MOXKHO
coJIeprKallie OT/AeIbHBIC TPOOEIIBI
3HAHMS MU YMCHHS

OTtcyTcTBUE 3HAHUN U YMEHUI

HOIIK-4.2. [TpumeHseT 3HaHus,
MOJIy4eHHBIE B 00J1aCTH
MHQOPMALMOHHBIX TEXHOJIOTHH,
NPU PELICHUH 33134
npodeccnoHaTbHOM
JIeSTeIIbHOCTH.

OP-4.2.1.YMeTb NpUMEHATH 3HAHUS,
NoJTy4YeHHBIC B 00JacTH
MHGOPMALMOHHBIX TEXHOIOTHH, IPH
peLIeHnH 3a1a4 podeCcCHOHANTBHOM
JeATEIbHOCTH

CcopmMupoBaHHBIE CHCTEMAaTHIECKHE
3HaHUS U YMEHHSI, BO3SMOXHO
coJieprKalliie OTAEIbHbIE TPOOEIIBI
3HAHUS U YMEHHS

OTtcyTcTBUE 3HAHUN U YMEHUI




ITK-1 — Criocoben
OCYIIECTBIIATH HAYYHO-
HCCIICIOBATEIBCKHE U
OIBITHO-KOHCTPYKTOPCKHE
pa3paboTKu Kak Mo
OTZCJILHBIM pa3ieiiaMm
TEMBI, TaK U MPU
HCCIIeIOBAaHUH
CaMOCTOSITEIIBHBIX TEM.

UIIK-1.1. OcymecTBiseT
mpoBeeHne padoT 1o
00paboTKe 1 aHAIN3Y HAyIHO-
TEXHUIECKOH MH(OPMALIIH 1
PE3yJIbTAaTOB HCCIEAOBAHUM.

OP-1.1.1: 3HaTh OCHOBHBIE METOIBI
HAyYHO-TIPAKTHYECKOTO TIONCKA B
3a[a4ax MHTEIJUIEKTYaJIbHOTO aHAIN3a
JAHHBIX U JPYTUX 00IaCTIX C
HCTIOBb30BaHNEeM HH(POPMAIIMOHHBIX
TEXHOJIOTUH.

OP-1.1.2: 3Harte cymiecTByIoImue
METO/bI M ITOAXO/bI K
WHTEIUICKTYaIbHOMY aHAJU3y JaHHBIX
PAa3IMYHON IPUPOIBL.

OP-1.1.3: YMeTb IpUMEHSTH
CYIIECTBYIOIIHE METO B
MHTEIUICKTYalIbHOTO aHaJIM3a JaHHBIX,
000CHOBAaHHO aANTHPYS U
MOIUPHUIHPYS UX C YICTOM
0coOeHHOCTEH 3aaull MPEIMETHOM
obacTu.

OP-1.1.4: Ywmerb popMyIHpPOBaTh
Hay4HO-TIPAKTUYECKYIO 33/1a4y,
MJIAaHUPOBATh €€ PeIllleHue U

BBITNIOJIHUTh B COOTBCTCTBHUH C IIJIAHOM.

CdopMupoBaHHBIC CHCTEMATUYCCKUE
3HAHUS U YMEHUSI, BO3SMOXHO
coJlepyKaIie OTAeIbHBIC TIPOOEITEI
3HAHUS U YMEHUS

OT1cyTcTBUE 3HAHUIN U yMEHUI

ITIK-2 — Cniocoben
aHAJTM3UPOBATH U
OIICHUBATH PUCKH,
pa3pabaTbiBaTh
OT/IETbHEBIE
(bYyHKIIMOHATBHBIE
HaHpaBHeHI/IH praBHeHI/Iﬂ
puckamu

UIIK-2.2. Cobupaet u
00pabaTpIBacT aHATUTHICCKYIO
UHGOPMALUIO AT aHAITH3a U
OLICHKH PHCKOB.

OP-2.2.4. HayuuTbCs HCTIOTB30BaTh
OuOIIMOTEKH A1 pabOTHI ¢ OONBIIMH
JaHHBIMH ¥ UCKYCCTBEHHBIM
HHTEIUICKTOM.

OP-2.2.5. [lpuMeHATH Ha IPaKTHKE
CTPYKTYpBI JaHHBIX JUIS XPaHEHHUS 1
00paboTKH TaHHBIX.

CdopmMupoBaHHbIC CHCTEMATHUECKUE
3HaHUS ¥ YMEHUI, BO3MOXHO
coJlepyKaIIie OTeIbHBIC TIPOOEITEI
3HAHUS U YMEHU

OT1cyTcTBHE 3HAHUIN U YMEHUI




2. Oranbl GOpMUPOBAHMS KOMIIETEHIIUI U BUAbI OLIEHOYHBIX CPEICTB

No JTansl q)OpMPIpOBaHI/IH KOMHeTeHHl/Iﬁ KOZ[ U HAUMCHOBAHUEC Bl/I}I OLCHOYHOI'0 CpeACTBa
h (pa3neJibl AMCUMIIJIMHBI) pe3yJIbTaTOB 00y4YeHHsl (TecTsl, 3aMaHusL, KEHCHI, BOTIPOCH H JIP.)
Pa3zpen 1. OcHOBHBIE IPOOIEMBI 3amaHus A7l TEKYIIEro KOHTPOJIS,
1. |HOCTPOCHHUSA CUCTEM OP-3.1.1, OP-3.1.2. BOIPOCHI JAJIs1 TPOBEICHUS
MPOMEKYTOYHON aTTECTAIIH
Pazgen 2. Ilpeasaputensaas o0paboTKa 3amaHus A7l TEKYIIEro KOHTPOJIS,
2. |mansbix. Knaccuukanus. OP-3.1.1, OP-3.1.2. OP-3.1.3 |BonpocH!I JyIsl POBEICHUS
MPOMEKYTOYHON aTTECTAIIH
Pazgen 3. Perpeccus. Accorumarus, 3amaHus A7l TEKYIIEro KOHTPOJIS,
3. |mocienoBaTeabHAsS aCCOLMALIHS, OP-3.1.1, OP-3.1.2. OP-3.1.3 |Bonpock!I JyIsl POBEICHUS
AHOMAJIMH 1 BU3yalTU3aIlusl. MPOMEKYTOYHON aTTECTAIIH
Paznen 4. BeIcOKOTIPON3BOIUTENbHAS
3amaHus A7 TEKYIIEro KOHTPOJIS,
4. obpaGorka AaHbIX. [porpamMmibIe OP-3.1.1, OP-3.1.2. OP-3.1.3 |BomipocCHI [Isl POBECHUS
CPEeIbI U MHTEIUIEKTYaIBEHOTO HPOMEIKYTOUHOH aTTeCTAIMH
aHaJIM3a JaHHBIX.

3. TunoBble KOHTPOJIbHbIE 3aJaHHUSl MJIH HMHbIe MaTepUaJibl, HeoOXoAMMBbIe IJIs
OlleHKH 00pa30BaTe/bHbIX Pe3yJbTATOB 00y4eHus!

3.1. TunoBbie 3axaHus AJs1 NPOBeJeHHS] TeKyILIero KOHTPOJS YCIeBaeMOCTH IO
AUCHUILINHE

Pedepar (na cornacoBannyro temy). K pedepaty HeoObxonumo caenarh npe3eHTaIHIo.

IIpumeps! Tem:

1. CoBpeMeHHBICE HEHpPOHHBIE CETH B 00pabOTKe JaHHBIX (KM300pakeHWH, BHUIEO,
TEXHOJIOTMYECKUX CUTHAJIOB, MY3bIKH U T.II.).

2. CoBpeMeHHbIE aTOPUTMBI KiIacCupuKanuu (M300paKeHU, TEKCTOB U T.I1.).

3. MaTennexryanpHas 00pad0TKa JaHHBIX B ... (MMPOMBIIIICHHOCTH, MEIUIIMHE, OU3HECE,
MHAYCTPUHU pa3BJeueHul, 1ocyra u ap.).

4. U3BneueHmne 3HAaHUH U3 TEKCTOB.

5. JleTekTHpOBaHNE aHOMAJIHIA.

6. Pa3HOBMTHOCTH CBEPTOYHBIX HEMPOHHBIX CETEH.

7. aTennexTyanbHble aITOPUTMBI B paHHEH MarHOCTUKE 3a00JIeBaHUN.

8. HTemIeKTyanbHbIe aJrOpUTMBI B IIEPCOHATM3UPOBAHHON METUIIHE.

9. MHTenneKTyanbHble arOPUTMBI B POOOTOTEXHHUKE, TPAHCTIOPTHBIX CHCTEMAaX H T.II..

10. MHTEMIIIeKTya bHbIE aITOPUTMBI B 0aHKOBCKOM JIeJie/CTpaxoBaHuw/ . ...

[Ipoekt (Ha cormacoBaHHY TeMmy). Peanmn3oBarh HEOOJBIION MPOEKT IO
WHTEIJIEKTYyaTbHOM 00pabOTKe JaHHBIX C MUCHOIB30BaHUEM cpenbl RapidMiner win ogHOTO M3
S3BIKOB TIporpamMmupoBaHusi (Hampumep, Python, R), ¢ BO3MOXHBIM HCHOIB30BaHUEM
00IIeTOCTYMHBIX 0a3 JaHHBIX (M JAHHBIX U3 UHBIX UCTOYHUKOB).

JTanbl peaau3aluy NPoeKTa:

[Touck u moaroroBka Habopa AaHHBIX;

Pa3pa0oTka TeXHUYECKOTO 3a/laHMs;

[MunoTtHas peanu3zanusi OJHOM MOJENH, BBIOOP METPUKHU U OLIEHKA TOUHOCTH ((hUKcanus
MOJIyY€HHOM TOYHOCTH Ha 3TOM 3Tarle);




Peanu3zanus Bcex MyHKTOB TEXHUYECKOTO 3aJaHus, HACTPOUKA MTapaMeTPOB MOJIEIIEH,
OIICHKA TOYHOCTH (TOYHOCTb, MTOJIyU€HHAsI Ha 3TOM 3Tarle J0JKHA OBITh OOJbIIe YeM Ha
PEAbLIYILEM):

[ToxroroBka otyera (c omMCcaHUEM MPEIMETHOM 001aCcTH, BRIOPAHHBIX AJITOPUTMOB U
napaMeTpoB MOJIeNel ), TPEe3eHTAIH, TyOINYHAs 3alUTa TPOEKTa;

Kaxnapiii cTyaeHT peanu3yeT WHAMBUAYAJIbHBIM WM TPYIIOBOM MPOEKT KaK
MOCIIEI0BATEIbHOCTH JIA0OPATOPHBIX PadoT:

JlaboparopHuas padora Nel. UnnuBuayanbHOe 3aaHuE MO TeMe «AHaIU3 MPEIMETHON
obmactu, ¢hopMynupoBKa Iiesiel U 3aja4 ucciepaoBaHus. V3pineuenue u nepBUYHOE COXpaHEHUE
JAHHBIX.

Heap paGoTbl — HayYUTh CTYACHTOB pEIIaTh 3aJlaud aHajlau3a MpeaIMeTHOW obiacTH, ee
ajanTanuy Il METOJIOB aHalu3a JAaHHBIX C YYETOM MPUHUUIHAIBHBIX OCOOEHHOCTEH
peIMEeTHON 001acTH.

Jlaboparopnasi paGora Ne2. MuauBuayanbHoe 3amaHue no teme «lIpeasapurenbHast
00paboTKa TaHHBIX: OYMCTKA, HUHTErpanus, npeoOpa3oBaHue».

Leab padoTbl — HAYYNUTH CTYACHTOB pEIIaTh 3aa491 NPeIBAPUTEIIHHON 00paOOTKU TaHHBIX,
MPEATOoJaraloe TPYIOeMKYI0 MpPOLEAYPY OYMCTKH (MCKIIOYEHHE MPOTUBOPEUMH, CIyYaifHbBIX
BBIOPOCOB M MOMEX, IPOITYCKOB), MHTETpalMi (OOBEIMHEHUE TaHHBIX U3 HECKOJIBKMX BO3MOXHBIX
WCTOYHUKOB B OJIHOM XpPaHWIIUILE), IPpeoOpa3oBaHus (MOXKET BKIIIOYATh arperupoBaHUE U CHKaTHe
JAHHBIX, TUCKPETH3AINIO aTpUOYTOB M COKpAIIIEHHE Pa3MEPHOCTH U T.IL.).

Jlaboparopuas paGora Ne3. MunuBuayanbHoe 3agaHue no teMe «CoxaepxarenbHbli
aHamu3 JaHHBIX MeTogamu Data Miningy.

Heap padoTbl — HAY4YUTHh CTYICHTOB OOOCHOBAHHO NPHUMEHATH 0a30Bble METOIbI
MHTEJUIEKTYaIbHOTO aHAJIN3a JJAHHBIX, YIUTBIBask 0COOCHHOCTH KaK TEOPETUIECKOTO MOCTPOCHUS
MPUMEHSIEMBIX METOJIOB, TaK U BEIOpAaHHOW IMPEIMETHON 00JI1acTH.

JlaboparopHasi padora Ned. MuguBunyanbHoe 3amaHue no teme «Busyanmuzamus u
WHTEPIIPETAIMS TOTYYEHHBIX PE3YIIETAaTOB.

Leas pabdoTbl — HAayyWTh CTYACHTOB BBINMOJHATH BHU3yaJU3alMI0 W WHTEPIpPETAIs
MOJyYEHHBIX PE3yJAbTaTOB B BUJIE, IPUTOAHOM JJISl IPUHATHUS YIIPABICHYECKUX PEIICHHM.

HpI/IMepBI TEM U1 CaMOCTOATCIIBHOTO U3YUCHU !

e HeiipocereBble METO/IBI aHANIM3A TAHHBIX, CBEpTOUHBIE ceTH (convolution neural networks).
riyouHHoe ooyuenue (deep learning).

MeTopl HHTEIUIEKTYaJIbHOTO aHaln3a Meaua (social media data mining).

MeToap! MaITMHHOTO 00yUYeHUs B 3a/1a49ax (PMHAHCOBOM aHAIMTHKH.

MeToapl MallTMHHOTO OOYYEHHS B 3a/1a4ax paHHEW MEIUIIMHCKON JUAarHOCTUKH.
KomOunMpoBaHue Mozeneit B aHau3e JaHHBIX, OyCTHHT.

Merton aHanu3a He3aBHCHMBIX KOMIOHEHT (independent component analysis).

MeTto/p1 BU3yaIn3aliuu JaHHBIX BEICOKON Pa3MEPHOCTH.

3.2. TunoBble 3agaHusi [JJs1 NPOBEJAEHUS INPOMEKYTOYHOH aTTecTallMd 10
AMCUUIJIMHE
Bomnpocsl Kk 3a4eTy ¢ OLEHKOM:
OCHOBHbIE TOHATHS, TEPMUHOJIOT U,
Data Mining / Data Science;
Big Data (ocHOBHBIE IOHATHS U CBOWCTBA);
Jenykuus u nHIyKIus,;
WHTennexTyanpHblii aHaIi3 JaHHBIX B OM3HECE IPUMEPHI PUMEHEHUS;
NHTeekTyalbHbIi aHaJIU3 JaHHBIX B PELICHUU CIOKHBIX NMPUKIAAHBIX 3a/1a4;

ook wnE
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26.
217.
28.
29.
30.
31.
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34.
35.
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38.

WNHTennexTyalbHbIA aHATN3 JAaHHBIX B paHHEH JUarHOCTHUKE OMACHBIX 3a00JI€BaHU;
MHTemeKTyalIbHbII aHAIU3 JaHHBIX B HHYCTPUAIBLHON IIPEIUKTUBHON aHAIIUTHUKE;
OcHoBHBIC 337191 U KJIacCU(PHUKAIUS METOJOB aHAIN3a JIaHHBIX;

. IlpuHIMNIIaNbHbIE OCHOBBI MAITMHHOTO O0Y4YEHUS;

. IlpenBapurensHas 00paboTKa JaHHBIX;

. OnTuMu3anys NpU3HaAKOBOTO MPOCTPAHCTBA,

. IlocTaHoBKa 3a7auu KJIaCCU(PUKAIHIH;

. Konrponupyemast HenapameTpuieckas Kiaccupukaus,

. Konrponupyemast HenapameTpuieckas HelpoceTeBast KIacCH(PHKAIIHS;

. Kimaccudukanus no MeToy MalmHbl OTIOPHBIX BEKTOPOB;

. JlepeBbs pellIeHMI;

. HexonTponupyemast kinaccuduxanus (Knactepusanus);

. Perpeccus (mossiTue perpeccuu, OCHOBHBIE 3Tallbl PErPECCUOHHOIO aHAIN3a, METO/IbI

BOCCTAHOBJICHHSI PETPECCHH);

Acconuanus,

[TocnenoBarenbHas accorualys (aIropuTMbl ceMencTBa «ATpruopu», anroput™ GSP);
MHuoroypoBHeBoe MalIMHHOE 00y4YeHue (OyTCTPINIUHT, O3TTUHT, CTEKHHT, OYCTHHT);
OOHapyxeHre aHoMaluii;

Busyanuzamus B Data Mining;

OYHKINK aKTUBAIIHUH;

OcHOBHBIE THITBI HCKYCCTBEHHBIX HEHPOHHBIX CETEH;

CBepTOUYHBbIE HEUPOHHBIE CETH;

Cpenpl 1 ppeliMBOPKH TITyOMHHOTO OOYYCHHUS;

OcHoBHBIE 337124l 00pabOTKH TEKCTa,;

OraInsl peBapuTEIbHON 00pabOTKH TEKCTA;

MeTpuku KadyecTBa KiacCH(pHUKaIuu,

['umore3a A/B, Kanma-unaekc cornacusi, ROC-kpusas;

MeTtpuka kauecTBa IpOrH03a BpEMEHHOTO Psija;

MeTpuKky KadecTBa KJIaCTepHU3allHH;

[TpUHIUIIBI BBICOKOTTPON3BOIMTENFHBIX BEIYMCIICHUH;

Oco0EHHOCTH MOCTPOCHUSI BBIYUCIUTEIHHOTO KJIacTepa;

Cpenbl 1 ”HCTPYMEHTHI BRICOKOTIPOM3BOIUTEIHHBIX BEIUMCIICHU;

Wuctpymentsl data mining.

4. MeTonnueckue  MaTepualibl, ONpeAesilOIIMEe  NPOUEAYPbl  OLECHHWBAHMS

00pa3oBaTeJIbHBIX Pe3yJIbTATOB 00y4eHH

4.1. MeTogu4yeckue MaTEepPHAJIbI AJf OUECHKH TCKYIIEro KOHTPOJIHA yCII€BaeMOCTH 11O

AUCIHUIIJINHE.

PeiiTunroBasi cucrema JJisi OEHKH TeKyllel yCIeBaeMOCTH 00y4aroIuXCs

Ta6J'II/II_Ia — bannbpHbIC OLIEHKHU IJIS DJIEMEHTOB KOHTPOJIA

N MaxkcumanbHbIH 6aI ¢ OuenuBaemast
DneMeHThI YI4eOHOU eATeTbHOCTH
Havajia ceMecTpa KOMIIETEHITUS
Pedepar mo Teme ¢ npe3eHTanmei 20 11K-3
Peanusanus npoekra 40 I1K-3
Ornpoc Ha 3aHATUAX 10 K-3
3ayer ¢ OLEHKOMI 30 IK-3




4.2. MeToguyeckue MarepuaJibl 1Js NMPOBeJeHUs] NMPOMEKYTOUHON aTTecTAllUM IO

JUCIUILINHE.

Cymma OGamoB, HaOpaHHasl CTYIEHTOM B TEUEHHME CEMECTpa, IEPEBOAUTCS B OLIEHKY

IIPOMEKYTOYHOM aTTECTAlMU yCIIEBAEMOCTH CTY/I€HTA 10 IIPUBEICHHON HUKE IIKaJIE.

Ilepecyer 0a/1J10B B OLIEHKH ISl IPOMEKYTOYHOM aTTeCTAlMH

banibl Ha 1aTy KOHTPOJBHOW TOUYKHU Ouenka
>90% oT MakCUMaIbHON CyMMBI 0aJlsIOB 5
Ot 70% 1o 89% oT MaKCUMAIILHON CyMMBI OQJIJIOB 4
Ot 60% 110 69% OT MaKcUMaIbLHON CYMMBI OQJIJIOB 3
< 60% OT MakCUMaJIbHOW CyMMBI 0aJIJIOB 2




