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1. Ilesb ¥ UIAHUPYeEMBbIE Pe3yJIbTATHI OCBOCHHS THCHHMIIIHHBI

Llenbt0 OCBOCHHUS AUCUUIUIMHBI ABJSIETCS (POPMHUPOBAHUE CICAYIOMINX KOMIIETCHIINI:

— VK-4 Cnocoben NPpUMCHATHL COBPEMCHHBIC KOMMYHHUKATHUBHBIC TCXHOJIOTMHU, B TOM YMCJIC HA
HWHOCTPAHHOM A3BbIKE, IJI1 aKaACMHUYCCKOTO U HpO(bCCCI/IOHaJ'II)HOFO B3aHMOILCI>'ICTBH$I.

PeSyJ’IBTaTaMI/I OCBOCHHUA JOUCHUINUIMHBI ABJIAIOTCA CICAYIOIINUE MWHIAUKATOPBI JOCTHUIKCHUA

KOMIICTCHIIUU

NYK-4.1 OO6ocHOBBIBaeT BBIOOP AaKTyaJIbHBIX KOMMYHUKATHBHBIX  TEXHOJIOTHI
(uH(MOpMAIIOHHBIE TEXHOJIOTUH, MOJCPUPOBAHHME, MEAuanus W J1p.) Ui oOecredeHus
aKaJIeMHYECKOro U npo¢eCCHOHATBHOTO B3aUMOICHCTBUSI.

NOIIK-2.3 Crioco0GeH K caMOCTOATENbHOMY MOMCKY MH(pOpMAIMKU B 00JACTH HOBBIX, B
TOM YHUCJIE MEXKIAUCUUILTMHAPHBIX, OTpaciel (PUIOIOTUH, UX METOJI0JIOTUYECKUX MPUHIUIIOB U
METOAMYECKUX MPUEMOB ISl PaCIIUPEHHUs Chephbl CBOCH HAYUHOH NESATETLHOCTH.

NOIIK-3.3 CnocobeH K C€aMOCTOSTEIBbHOMY TIOUCKY HWH(GOpPMAIMd O HOBOM
OMIIUPUYECKOM MaTepuaye, KOHIEMIUSX W TEOpHsX B M30paHHOW KOHKPETHOW o00jacTu
¢bunon0ruyM, HOBAIMSAX B €€ METOAOJOTHYECKHX MPHUHIMIAX U METOIWYECKUX MpHeMax s
pacmmpeHus cepbl CBoeH HayIHOU JACSITEITLHOCTH.

UIIK-1.2 PeanuzyeT moj pyKOBOJACTBOM Oosiee KBaTU(UIIMPOBAHHOTO pabOTHHUKA IJIaH
pelIeHus] MCCIeI0BaTeIbCKON 3a7auu, MCIONb3ys HE0OX0oauMble HH(OPMAIIMOHHBIE PECYPCHI,
METOJbl TOJYYEHHsI JaHHBIX, MPH HEOOXOAUMOCTH TMPOU3BOMAS €r0 KOPPEKTHUPOBKY B CBETE
MOJIyYEHHBIX IPOMEXKYTOUHBIX PE3Y/IbTATOB.

3aIla‘-H/I OCBOCHUA AUCHUIIIINHBI

Lensimu ocBoeHMs y4eOHOM AUCHUIUTMHBI «OCHOBHBIC HANPABICHUS JTMHTBUCTUYECKOTO
o0ecrieyeHns HOBBIX HH(POPMAIIMOHHBIX TEXHOJIOTHIT» — CHCTEMAaTH3alsl 3HAaHUH 110 podiieMam
AITOPUTMU3ALMKN U MOJEIUPOBAHUSA JJI PELICHUs JIMHTBUCTUUYECKUX M HCCIEA0BATEIIbCKUX
3a/1a4, C IOMOIIBI0 COBPEMEHHBIX HH(OPMALMOHHBIX TEXHOJIOTMH, OpraHu3aliyd BEACHUS
pE3yJIbTaTOB  MCCIENOBATENBCKOW JEATENIBHOCTH € IPUMEHEHUEM CIIELHMAIU3UPOBAHHBIX
IpOrpamM.

— OCBOUTH HHCTPYMEHTHI BEACHHS OTYETHOCTH U HAIIMCAHUS CTaTEH.

— HayunTbcsi NpUMEHSTh OCHOBHBIE MPOrPaMMHBIE CpPEACTBA C LENbI0 YBEIMUYEHUS
s pexTHBHOCTH 00paOOTKH €CTECTBEHHOTO SI3BIKA.

— Hayuuthcs Bnamets (QopMalbHBIMH TpaMMaTHKaMHU, aBTOMAaTHU3HpPOBATh paboTy
M3BJICYEHUSI CYIIIHOCTEH U3 TEKCTOBOTO MacCHUBa JJAHHBIX.

— YMeTh MHTErpHpOBaTh CPEACTBAa aBTOMAaTH3allMd OOpaOOTKU €CTECTBEHHOrO s3bIKa B
IIPOTrPaMMHBIN KOJI.

— 3HaTh U YMETh M0JIb30BaATHCS onepaimoHHbIMU cuctemamu (UNIX)



2. MecTo THCHMILUIMHBI B CTPYKTYpe 00pa3oBaTeIbHONH MPOrpaMMbl

JluciumimHa OTHOCHTCS K 00s13aTeNIbHOM YacTH 00pa30BaTEIbHON MPOTrPaMMBI.

3. Cemectp(bi) ocBOeHHsI U popMa(bl) MPOMEKYTOUHOMH aTTEeCTAUMHU 1O JUCHHUILINHE

IlepBbIit cemecTp, 3a4eT

4. Bxoanble TpeOOBaHUS 1JI51 OCBOEHHS I CHMILINHBI

JIJist yCTIenmHoro OCBOCHHUS TUCIUTUTMHEI TPEOYIOTCS KOMIETCHIINH, CHOPMUPOBAHHEIC B

XOZ€ OCBOGHHMS O0pa30BaTEIbHBIX MPOTPaMM MPEALISCTBYIOMIETO YPOBHS 0Opa30BaHMAL.
[IpepekBU3NTaMH TUCHUIUIMHBI SIBIISIIOTCS CIEAYIOIIME JTUCHUIUIMHBL: KypC CEMaHTHKH H
(doHEeTHKH, OCHOBBI IporpammupoBaHus. [locTpekBu3uThl: SI3bIK TporpammupoBanHus P,
yueOHasi ¥ IPOU3BOJICTBEHHAs MPaKTHKH, Text mining ¢ R

parser

5. SI3bIk peasm3anuu

Pyccknii

6. O0neM TUCHUILIHHEI

OO0mast TpyA0€MKOCTh AUCIUIUINHBI COCTABIISET 2 3.€., 72 4acoB, U3 KOTOPBIX:
-JIEKIUH: 6 4.
-npakTuyeckue 3anarus: 20 u.
B TOM YHCJIE IPAaKTUYEcKas MoAroroska: 0 u.
O0beM caMOCTOSTENBHOM pabOThI CTYIEHTa OIPEIEeH YU€OHbIM IIIIAHOM.

7. Coaep:kanue JUCHUILIMHBI, CTPYKTYPHMPOBAHHOE 110 TeMaM

Tema 1. Begenue B nHGOpMaLIMOHHBIE CUCTEMBI

1.1.  VudopmanMoHHbIE TEXHOJIOTUU B COBPEMEHHOM MHUpE

1.2.  Hctopust ”HQOpPMAIIMOHHBIX TEXHOJIOTHI

1.3. ApxuTekTypa 1 yCTPOHCTBO NEPCOHAIBHBIX KOMIIBIOTEPOB
Tema 2. Tunbl onepaloOHHBIX CUCTEM

2.1. Omnepanmnonnas cucrema Windows

2.2. Onepaumnonnasi cucrema Linux (Deb)

2.3. Pa6ora B cpene Linux

2.4. Co3nanme n padora B cucTeMe KOHTPOJISA peno3utopuii (git)
2.5. OcHoBHBIE KOMaH/BI git

Tema 3. Mopdoioruueckuii aHaanu3 JaHHBIX

3.1.  Mopdonoruveckre aHATU3aTOPHI

3.2. Pabota B MOpdoI0oruueckoM aHaim3zarope mystem, pymorphy
3.3. Hcnonb3oBanue cueHapueB U (opmanbHbIX rpammatuk. Pabora IIO Tomita-

Tewma 4. Opranusanys Hay4HbIX UCCIIEIOBAHUN
4.1. ®opMupoBaHUEe CTPYKTYpHI (OTUETA, TUCCEPTALIUU, UCCIEIOBAHUS) U COACPKAHUS C

nomMolIIb0 asToMatusanuu B MS Office

4.2. ABromarnueckoe ¢popmupoBanue guteparypsl (Mendeley, Zotero)
Tema 5. Opranuszanus Hay4HbIX HcciaenoBaHui B Latex

5.1 Beenenue B Latex

5.2 Oprasuszanus CTpyKTypbl JOKYMEHTa

5.3  Pabota c n3o0paxkeHusIMu

54  Paborta ¢ popmynamu

5.5 Co3zmanue npe3eHTarmit



Tema 6. IHTENEKTyalIbHBIE QAJITOPUTMBI U JIMHTBUCTUKA

6.1. TenaeHMM pa3BUTUS COBPEMEHHBIX TEXHOJIOTUN NCKYCCTBEHHOTO MHTEIUIEKTA

6.2. Vcnonb3oBaHNe MHTEUIEKTYAJIbHBIX AITOPUTMOB JUISl PEHICHUS JIMHTBUCTHUECKUX
3a1a4

6.3. Tumnbl npeaBaputenbHOH 00pabOTKU TEKCTa IS MPUMEHEHMS] MHTEIUICKTYalIbHbIX
ITOPUTMOB

6.4. ITpoGiema nosydeHus 00y4JaroIuX JaHHBIX

Tewma 7. [IpuMepbl HHTEIUIEKTYaJIBHBIX AJITOPUTMOB

7.1. Ilpocreiiiias HEHPOCETh HA MPUMEPE NIEPIIEHTPOHA

7.2. OOyueHue MOJIENIH 1 OIIEHKA KauecTBa

7.3. CuHoHUMHUYECKasi OIU30CTh U aNredpandeckue ornepanuy Hajl BEKTOpaMu

7.4. PexyppeHTHas MOJI€b U KOJUPOBAHUE B BEKTOP NPEIAJIOKEHUS

7.5. Monenu riryboKoro o0ydeHus

Tema 8. IHCTpyMEHTHI 11 pa3pabOTKU MHTEIIEKTYaIbHbIX aJlTOPUTMOB

8.1. S3bix Python u rexnonorus CUDA

8.2. TensorFlow u penozutopuit moneneit Google

8.3. bubnmnoreka riydbokoro o0yuenusi PyTorch

8.4. HuggingFace u 6u6mmoreka Transformers

8.5. bubmmoreku NLTK u Pymorphy

Tema 9. TpaHCIYKIIMOHHBIEC MOJICIIH U TpaHCHOpPMEP

9.4. BERT kak koaupyroIas 1nojxoBruHa Tpanchopmepa

9.5. Unes Fine tuning

9.6. I'eneparuBubie Moaenu u GPT kak nekoaupyrorias mojaoBuHa TpaHchopmepa

8. Tekymmii KOHTPOJIb MO AUCUMUILINHE

Texkymmii KOHTPOJb MO AUCHUIUIMHE MPOBOJUTCS IyT€M KOHTPOJIS IOCEHNIaeMOCTH,
NPOBE/ICHUS] KOHTPOJIBHBIX PabOT, TECTOB MO JIGKIMOHHOMY MaTepHaiy, NEIOBBIX HIpP IO
TeMaM, BBIIIOJIHEHHUS JIOMALIHUX 3a/1aHuil, ..., U pukcupyercs B popMe KOHTPOJIbHON TOUKH HE
MEHee OJHOI0 pa3a B CEMECTP.

Texkymmii KOHTPOJb MO AUCHUIUIMHE IMPOBOJUTCS IyT€M KOHTPOJIS IOCEHIaeMOCTH,
NPOBEICHUST KOHTPOJBHBIX Pa0OT, pa3padOTKH KOJa, TECTOB IO JIEKIIMOHHOMY MaTepHuany,
JIENIOBBIX WTP IO TeMaM, BBINOJHEHUS JOMallHuX 3aaaHuil. KoHTpoib ycmeBaeMoCTH
o0yJaromuxcsi HampaBlieH Ha OIpeesieHHe COOTBETCTBHS PE3yJbTaTOB OOydYeHHsS TIOCie
OCBOCHHMS BJIEMEHTA 10 JUCHUIUIMHE U (UKCUpPYyeTCs B (opMe KOHTPOJIBHOM TOYKM HE MEHee
OJTHOTO pa3a B cemecTp. IIpumMepHbIe 3a1aHns TEKYIIETO KOHTPOJIS:

[TepBoHAYaNBHBINA CMBICII AHTIIMICKOTO CIIOBA «KOMITBIOTEPY:

Bri6epute ouH OTBET:

a. sug AJIY

b. a71eKTpOHHO-Ty4YeBas TpyOka

C. HabOP JaMIl, BBIOJHSIOMUX Pa3InyHble (QyHKINU

d. yenoBek, MPOU3BOIAIINNA pacyeThbl

€. QJIEKTPOHHBIN anmapaT

MamHsl IepBoOTo MOKOJICHHsI OBUTH CO3/[aHbI HA OCHOBE. ..

Bribepure o1H OTBET:

a. AJIIEKTPOHHO-BaKYYMHBIX JIAMIT

b. TpaH3HCTOPOB

C. HHTETPAIBHBIX MUKPOCXEM

d. 3y04aThIx Kojec

OcHOBHO# 271eMeHTHOM 623011 DBM TpeThero moKoJeHus SBIISIOTCS. . .

Bribepure o1H OTBET:

a. MHKpPOIpOLECCOp

b. HHTErpaIbHBIE MUKPOCXEMBI



C. DJIEKTPOMEXaHUUECKHUE CXEMBI

d. TpaH3uCTOPBI

OcHOBHOM 351eMeHTHOH 0623011 DBM 4eTBepTOro MOKOJICHUS SIBISIOTCS. ..

Bribepure ouH OTBET:

a. DJICKTPOMEXaHUUECKHUE CXEMBI

b. MoJIynpoBOAHUKH

C. 9JIEKTPOBAKYyMHBbIE JIAMITBI

d. Mukpomnporeccop

1. Hanmucate nebonbmoit koa (Hello, world!) ma Python u 3anmyctuts ero B TepmuHae
(KOl ¥ CKPUHILOTHI IPUKPENUTH B MYJ1)

2. Cxauarp kauru (wget). [IpeaBapurenbHO HY>KHO MPOBEPUTH CCHUIIKUA HA KOPPEKTHOCTH
(li.txt). DTampl KOMaH/ - CKPHHIIIOTHI.

9. Ilopsiiok mpoBegeHHUs M KPUTEPUM OLIEHUBAHHUS MPOMEKYTOUHOI aTTecTaluu

3a4yeT mpOBOIUTCS B MUCBMEHHOW U YCTHOH (popMe 10 BEIOpaHHOMY MpOeKTy. [IpoekT
IPEoiaraeT JIOTH4ecKoe N3JI0KEHUE TEOPETUUECKOro 0JI0Ka ¢ MPUBA3KOM K MPaKTHUECKON
JeATebHOCTH. [IpuMepHBIi IepeueHb MPAaKTUYECKUX 3aJaHHMN:

1. Pa3merka Tekcra

JlaH Tekcr:

UYro takoe Git u 3a4eM OH HYXEH?

Git - 3TO KOHCOJIbHAS YTUIIATA, JJIsl OTCIIC)KUBAHKS M BEACHUS HCTOPUH U3MEHEHHS (ailioB, B
BallleM mpoekTe. Yarie BCcero ero UCrob3yoT Ul KOJIa, HO MOXHO U JIJIsl APYTUX (aiyios.
Hanpumep, Uit KapTHHOK - TIOJIE3HO IS TH3aiHEPOB.

C nomomsio Git-a BBl MOXETe OTKaTUTh CBOM MPOEKT 710 OoJiee cTapoil Bepcuu, CpaBHUBATD,
AQHAJIM3UPOBATh WK CIIMBATh CBOM U3MEHEHHS B PEIO3UTOPHIL.

Peno3uropuem Ha3bIBalOT XpaHUJIUILE BALLIETO KOAA M HCTOPHIO ero u3mMeHneHui. Git padoraer
JIOKAJIbHO U BCE BalllM PEIO3UTOPUU XPAHITCS B ONPEICTICHHBIX MANKaX Ha KECTKOM JTUCKE
(XID).

Tax ke Balli perno3uTOPUH MOXKHO XPaHUTh U B MHTepHETE. OOBIYHO /JISl 3TOTO UCTOIb3YIOT
TPH CEpBUCA:

GitHub

GitLab

Kaxxnast Touka coxpaHeHus Ballero MpoeKTa HOCUT Ha3BaHUE KOMMHUT (commit). Y Kax10ro
commit-a ecTb hash (yHukanbHblii id) 1 koMmMmeHTapuii. I3 Takux commit-oB coOupaeTcs BeTKa.
Betka - 310 ucTtopust U3BMEHEHHN. Y Ka)KJ10i BETKH €CTh CBOE Ha3BaHUeE. Perno3uropuii Moxer
coJiepkath B ce0e HECKOJIBKO BETOK, KOTOPbIE CO3/Ial0TCS U3 IPYTUX BETOK MJIU BIMBAIOTCS B
HUX.

Kak pabotaer

Ecnu mocMoTpeTs Ha KapTUHKY, TO CTAHOBUTHCS UyTh MpoIIe ¢ HOHUMaHueM. Kaxplil KpyXoK,
310 commit. CTpesIouky MOKa3bIBAIOT HAMIPaBIEHHUE, U3 KAKOTO commit CAeIaH CIeIYIOHA.
Hampumep C3 caeman 3 C2 u 1. 1. Bece 3T commit HaXoaATCsl B BETKE MO Ha3BaHWEM main.
OTO OCHOBHas BETKA, Yallle BCETO €€ Ha3bIBaloT master . [IpsiMmoyronbHMK main™® 1okassiBaeT B
KakoM commit MbI ceifuac HaXOJUMCsl, IIPOILE TOBOPS yKa3aTelb.

3aoaua:

a. Coxpanure TeKcT B ¢popmarte .txt

6. Co3paiiTe coBaphb Ui ABYX JHOOBIX HEM3BECTHBIX JIEKCEM

B. BhInoHuTE aHanu3 TeKCTa co CIeAYIOIUME ONLIUIMU: FpaMMaTudeckas HHpopMmarus,
CHSITHE OMOHUMUH, (DUKCIIHUCT, HE TeYaTaTh UCXOAHbIE c1oBoGopMbl. CoxpaHuTe ayTIyT-(hailn B
dbopmare .json

- Jlan m1aby10H KOH(EepeHIIMH 0 KOMITbIOTEPHOI TMHTBUCTHKE «/[ramor»



¥documentclass {dialogue}
¥begin{document}
¥begin{other |anguage} {engl ish}

¥begin {center}
{¥Large¥bfseries{A paper on¥¥news headline generation}}

¥medskip

Surname N. P. (¥texttt{user@domain.tld}), Surname N. P.
(¥texttt {user@domain. t1d}), ¥¥Surname N. P. (¥texttt{user@domain.tld})

¥medskip

Affiliation, City, Country
¥end{center}

Your abstract in English: describe your system briefly¥medskip

¥textbf {Key words:} text summarization, headline generation, Russian language
(write your own keywords!)
¥end {other | anguage}

¥bigskip

¥begin{other language} {russian}
¥begin{center}
{¥Large¥bfseries{[CTaTbsa o¥reHepauuum 3aronoskoBl}

¥medskip

dammunua MU. O. (¥texttt{user@domain.tld}), Pamunumusa U. O.
(¥Ytexttt{user@domain. tld}) ¥damunua MU. O. (¥texttt{user@domain.tld})

¥medskip

OpraHus3auua, ropopg, cTpaHa
¥end {center}

AHHOTAaUKMA Ha PYCCKOM: KpaTKoO
ONUWWKUTE BalWWMWM MeTOoOOob MU MOLOEN W.¥medskip

Ytextbf (K ntoueBble cnoBa:l] aBTopedepmupoBaHUe
TEKCTOB

(nepeuywn
CNMUTe KNoyeBble CNnoBa)
¥end {other |anguage}


mailto:user@domain.tld
mailto:user@domain.tld
mailto:user@domain.tld
mailto:user@domain.tld
mailto:user@domain.tld
mailto:user@domain.tld

¥selectlanguage {engl ish}

¥section{Introduction}
Describe (briefly!):



¥begin {enumerate}
¥item the task and the dataset
¥item your approach and cite some major works, it was based
on
¥item the structure of your paper
¥end {enumerate}
3aoaua:
['eneparus 3aronoBkoB HoBocTel. Ckavaiite maracetr HoBocTel riatomsk.csv. B komonkax ectb
cienyromue aTrpuOyThl: «leady - mua HOBoCTH, «titley -3aroioBok HOBOCTH, «body» - Teno
HoBocTH. OOyunTe Monenb RuGPT-3 ¢ nenbio renepamnmu 3arojioBKa HOBOCTH. 3arpy3uTe
MOJIYYCHHBIH KOJT B MYIJ1, IPUKPETIMTE CTEHEPUPOBAHHBIC IPUMEPHI 3ar0JIOBKOB B (hopmare .txt.
IIpumep xona:
%Wowr itefile setup. sh
git clone https://github. com/NVIDIA/apex cd apex
pip install -v ——disable-pip-version-check ——no—cache-dir ./
Ish setup. sh import
re
import pandas as pd
from sklearn.utils import shuffle

data = pd. read_csv (“/content/drive/MyDrive/news. csv”, encoding="utf8 , index
_col=0)

titlesl = data[ Head ] print
(titlesl)

titles

titlesl.dropna() titles. convert_dtypes (convert_string=True)

texts1 = data[ Text'] print
(textsl)

texts = textsl.dropna() texts.convert_dtypes (convert_string=True)

# co3paemM HOBGbIW

LaTadpenm data2 =

data[[“Head”, “Text”]] #

yonansem NpPponycekHu

data3 = data2. dropna(axis = 0, how = “any”) data4 =
data3. astype (' string’)

titlesl = data[ Head ] print
(titlesl)

titles

titlesl.dropna() titles. convert_dtypes (convert_string=True)

texts1
(texts1)

data[ Text'] print



texts = textsl.dropna() texts.convert dtypes(convert string=True)

# co3paemM HOBGbIW

LaTabdpenm data2 =

data[[“Head”, “Text”]1] #

yonansem NPponycekHu

data3d = data2. dropna(axis = 0, how = “any”) data4 =
data3. astype (' string’)

headl ines = data4["Head”]

bodies = data4["Text"]

datab = pd. concat ([headl ines, bodies]) datab =
shuffle (datab)

datab
valid = datab[:1000] valid =
shuffle(valid)

train

import numpy as np import
random random. seed (1234)
np. random. seed (1234)

val_ind = random. sample (range (datab. shape[0]), 500) with

open(“train. txt”, “w”) as file:
file.write ("¥n”. join(train)) with

open(“valid. txt”, “w”) as file:
file.write("¥n”. join(valid))

Ipython3 pretrain_transformers. py ¥
—output_dir=my_mode| ¥
—mode | _type=gpt2 ¥
—-mode | _name_or_path=sberbank-ai/rugpt3smal |_based_on_gpt2 ¥
——do_train ¥
——train_data_file=train. txt ¥
——do_eval ¥
—fp16 ¥
—eval_data_file=valid. txt ¥
—per_gpu_train_batch_size 1 ¥
—gradient_accumulation_steps 1 ¥
—num_train_epochs 1 ¥
——block_size 1024 ¥
—overwrite_output_dir

10. YueOHO-MeTOONUECKOE 00ecIIeueHne

a) DNEKTPOHHBIM YYEOHBIH KypC 10 JUCHHUIUIMHE B JJICKTPOHHOM YHUBEPCHUTETE
«Moodle» - https://moodle.tsu.ru/course/view.php?id=14697



https://moodle.tsu.ru/course/view.php?id=14697

0) OuieHOUHBIE MaTepuaibl TEKYHIEro KOHTPOJS MU MPOMEXKYTOUYHOM aTTecTallud IO
JUCLUIIIVHE.

B) [Inan ceMuHapckux / IpakKTUUECKUX 3aHATHH MO JUCIHUILTUHE.

Tema 1. BBenenue B nH(pOpMaIIIOHHBIE CHCTEMBI

1.1.  JlaTh OIleHKY TeKyIIeMy COCTOSIHHIO B 00siactu NLP

1.2.  IloaroToBUTH Mpe3EHTAIMIO CBOETO UCCIEAOBAHUS

Tema 2. Tunbl onepaOHHBIX CUCTEM

2.1. ¥YcranoButb Ubuntu Ha cBoii KOMIIBIOTEP MM BUPTYAJbHYI0 MAIIMHY

2.2. YcTaHOBKA NMPUJIOKEHHUH

2.3. Pabora c paiiyioBoii cucTeMOil 1 apXUBaMH

2.4. Co3nanue u paéoTa B ccTeMe KOHTPOJISI PeNo3uTOpHii (git)

2.5. Murpanusi NpoeKTa B peno3eTopui git

Tema 3. Mopdosiorudeckuii aHaau3 JaHHBIX

3.1.  Cozpanue ieMMaTe3uPOBAaHHOTO MaCCHUBA TEKCTOB

3.2.  Co3panue GpuUKCIHCTA

3.3.  U3Bneuenue daxros B [1O Tomita-parser

Tewma 4. Opranuzanuusi Hay4HbIX UCCIEA0BAHUI

4.1. ®opMupoBaHUE CTPYKTYpHbI (OTUETA, TUCCEPTALIUHU, UCCIEA0BAaHNUs) U COACPKAHUS C
rnmomoIbero asroMarusanud B MS Office

4.2. ABromarnueckoe popmupoBanue nureparypsl (Mendeley, Zotero) u uHTEerpanus B
MS Office

Tema 5. Opranusanus HaydHbIX HcciaenoBaHui B Latex

5.1  Bsenenmue B Latex, ycTaHOBKa peructpaius B cepBucax jarexa

5.2 Opranuszanus CTpyKTypbl JOKYMEHTA, U3y4YE€HUE TErOB

5.3  Pabota c nu300pakeHUsIMU: MOJrOTOBKA PUCYHKA, BCTaBKa

5.4  Pa6orta c popmynamu. M3ydeHnue Teros.

5.5  Cosnanwue npesentanuii. Pabora mo mabiaonam

r) Meroauyeckre yka3aHus 1o MPOBEACHUIO TaOOPaTOPHBIX paboT.

[ToaroToBka K MpoBeIEHHIO JIAOOPATOPHBIX paOOT HAUMHAETCS B Hadaje TEOPETHUYECKOTO
M3JI0’KEHUST U3y4aeMOW TeMbI M MPOJO0JIKAETCA M0 X0y €€ M3y4YeHHs IIPU OCBOEHUHU MarepHasa
Ha 3aHATHSAX B paMKaX NPaKTUYECKHUX 3a/JlaHUM W paboTe HaJ HUM B XO/€ CaMOCTOSTEIIbHOU
MOJArOTOBKU JIOMa U B OmOnmorekax. Jlyii KaueCTBEHHOI'O BBINOJIHEHUS J1a0OpaTOPHBIX padoT
CTYZAI€HTaM He0OXOAUMO:

1) NOBTOPUTH TEOPETUUECKHI MaTepHrall IO KOHCIEKTY U y4eOHUKaM;

2) 03HaKOMHTbCS C ONMCAHUEM J1a00PaTOPHOM pabOTHI;

3) B cmeuuanbHOM TeTpaiau Ais J1a0OopaTOpHBIX padOT 3amucaTh Ha3BaHUE U HOMEpP
paboThl, mepeyeHb HEOOXOJUMOIo MPOTrPaMMHOr0 OOecredeHus], MOATOTOBUTh aJITOPUTM HIIH
KOJI;

4) BBIACHUTH 11€7b pabOTHI, YETKO MPEACTaBUTh ce0e MOCTABICHHYIO 33/1a4y U CIIOCOOBI
e€ IOCTH)KEHUS, IPOAYMaTh OKUIAAEMbIE PE3YJIbTAThI OIBITOB;

5) OTBETUTH YCTHO WMJIM MHMCbMEHHO HAa KOHTPOJIBHBIE BOIIPOCHI M0 U3y4aeMOM TeMe WIN
PELINTh PsiZ 3a]a4;

6) M3Y4uTh TOPAJOK BBIMOJHEHUS JabopaTopHoil paboTel. I[loaroroButh cpemy
BBIMOJIHEHUS Koja K pabote. [lociie mpoBepku MpaBMIIBHOCTH alroputMa paboThl MPOrpamMMbl
nperno/iaBaTeseM MOKHO HaUWHATh BBITIOJIHEHUE Ta0OpaTOpHOI paboTHI.

1) Meronnyeckue ykazaHusi 10 OpraHU3aluu CaMOCTOSITETbHOM pabOThI CTYIEHTOB.

@DOopMBI CaMOCTOSITEIbHOM pabOTHI CTYIEHTOB Pa3HOOOPa3Hbl. OHU BKIIIOYAIOT B CeO:

— U3yYEHUE M CHCTEMAaTH3alMI0 IMPAKTHYECKUX M TEOPETUYECKUX IPHUMEPOB B paMKax
BBITNIOJTHEHUS TEKYIIMX 33JaHUH 110 IPEIMETY;

— u3yueHue y4eOHOW, HayYHON U METOJUYECKOH JINTEpaTyphl, MaTepHaIOB NEPUOTUIECKUX
W3IaHU C TIPUBJICUCHHUEM OJICKTPOHHBIX CPEACTB O(UIMAIBHOW, CTaTHCTHYECKOM,
NEePUOINYECKOI U Hay4HOH HH(pOpMAINH;



— MOJITOTOBKY JOKJIAZ0B M MPE3EHTAIi, HallMCaHHe IPOrPaMMHOTO KOJIa U €T0 OTJIa/IKa;

— ydactue B paboTe CTyAeHYEeCKUX KOH(EpEeHINH, KOMITIEKCHBIX HayYHBIX HCCIICIOBAHUSAX.

CamocrosrenbHas paboTa NpUOOIIAET CTYACHTOB K HAy4HOMY TBOPYECTBY, IOUCKY H
PELICHUIO aKTyaTbHBIX COBPEMEHHBIX IPOOIIEM.

11. Ilepeuenn y4eOHOI1 TuTEpPaTypHI H pecypcoB ceTn UHTepHeT

a) OCHOBHAs JIUTEpATypa:

— CrenanoB A.H. Undopmaruka: yueoHuk 11 By30B / A.H. Crenanon. — CII6.: ITurep,
2015-720c.

— Jurafsky Daniel, James H. Martin. Speech and Language Processing. / An Introduction
to Natural Language Processing, Computational Linguistics, and Speech Recognition. Second
Edition. Upper Saddle River, NJ, 2019. https://www.cs.colorado.edu/~martin/slp2.html

— Huxonaes U.C. / Ilpuknaanas u xommnbroTepHas aunrsuctuka. Mzn. 2 URSS. 2017.
320 c. ISBN 978-5-9710-4633-2

0) IOTIOHUTENIbHAS TUTEPATypa:

— Munununa JI. MapopmaimoHHble TEXHOJIOTUU B JIMHTBUCTHKE: yueb. mocodue / JI.
[unununa. — M.: ®nunra, 2015. — 128 c.

— Komzacos C.B. Anroputmsl npeoOpa3oBanusi pycckux opdorpaduieckiux TEKCTOB B
¢donernueckyto 3amuck / C.B. Komzaco M.: MI'Y, 1970. 130 ¢/

— KoBanb C. A. JIunrsuctuueckue mnpooiemsl KoMibioTepHoi Mopdororuu. CI16., 2005.
JleoutseBa H. H. ABTOMatnueckoe nonumanue TekctoB. CucreMsl, Mozenu, pecypebl. M., 2006.
Jlsmesckas O. H. u np. OnieHka METO/I0B aBTOMaTHUECKOTO aHaIM3a TEKCTa: MOP(OIOrHIecKue
napcepbl pyccKoro s3bika. KoMnbloTepHast IMHIBUCTUKA M MHTEIJIEKTyalbHble TeXHONOTUU: 110
MaTepuanaMm exeronHo MexayHaponHoit koHdpepenuuu «/Juamor—2010». Beim. 9(16). M.,
2010.

— IIapoB C. A., benukos B. U., KonsuioB H. 1O., Copoxun A. A., lIlaBpuna T. O.
Kopnyc ¢ aBTromaTudecku CHATOW MOPGOIOTHYECKON HEOIHO3HauUHOCThI0: K Meromuke
JUHTBUCTUYECKMX HccienoBaHuid. KowmmbloTepHas JMHIBUCTUKA W MHTEJUIEKTYyalbHbIE
TEXHOJIOTHH. / Huaior. M., 2015. http://www.dialog-
21.ru/digests/dialog2015/materials/pdf/SharoffS Aetal.pdf

B) pecypchl cetu MHTepHeT:

— OTKPBITBIE OHJIAH-KYPCHI

— Kypnuan «9kcnept» - http://www.expert.ru

— Oduunanbueiii caidt denepanbHOi caykObl TOCYAAPCTBEHHOM CTaTUCTHKH PO -
www.gsk.ru

— O¢dununanbHelii caiit Becemuproro 6anka - www.worldbank.org

— Cucrema xontpos Bepcuii [10 https://github.com/

— Co3nanue nokymenToB Latex https://www.overleaf.com/

— Mopdonornyeckuit ananuzarop Mystem https://yandex.ru/dev/mystem/

— W3BreueHue (akToB (popmanbHBIE IrpaMMAaTUKH) Tomita-parser
https://yandex.ru/dev/tomita/

12. Ilepeyenb MHGOPMALMOHHBIX TEXHOJIOTUI

a) JIMIIEH3MOHHOE U CBOOOJIHO PACTIPOCTPAHIEMOE MMPOTPAMMHOE 00eCTICUCHHE:

— Microsoft Office Standart 2013 Russian: nakeT nporpamm. BxirodaeT npuIIoKeHUS:
MS Office Word, MS Office Excel, MS Office PowerPoint, MS Office On-eNote, MS Office
Publisher, MS Outlook, MS Office Web Apps (Word Excel MS PowerPoint
Outlook);— my6nmuano goctynHbie o0maunbie TexHoaoruu (Google Docs, SIHAeKC AUCK U T.11.).

0) nH(pOPMAIIMOHHBIE CIIPABOYHBIE CHCTEMBI:
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https://github.com/
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— DIEKTPOHHBIN Karajor Hayunoii OnbIMOTEKH Ty —
http://chamo.lib.tsu.ru/search/query?locale=ru&theme=system

— DIeKTpOHHAas ounbamoreka (peno3uTopuii) Ty —
http://vital.lib.tsu.ru/vital/access/manager/Index

— OBC Jlansp — http://e.lanbook.com/

— OBbC Koncynbrant ctyaenTa — http://www.studentlibrary.ru/

— O6pazoBarenpHas miaTdopma KOpaiit — https://urait.ru/

— 9ObC ZNANIUM.com — https://znanium.com/

— OBC IPRbooks — http://www.iprbookshop.ru/

B) mpoeccroHalibHbIC 0a3bl TaHHBIX (NPU HATUYUL):

— YuuBepcuterckas napopmannonnas cucrema POCCUS — https://uisrussia.msu.ru/

— Enunas mexxBegoMmcTBeHHass nHpopmarmonHo-cratuctuueckas cucrema (EMUCC) —
https://www fedstat.ru/

13. MaTepuajibHO-TeXHUYECKOe o0ecrieueHue

AymuTopun Ui TIPOBENEHHS 3aHITHH CEMHUHApCKOTO THIA, HWHIUBHIYaJIbHBIX U
TPYNIOBBIX KOHCYIBTAIUH, TEKYIIETO KOHTPOJIS U IPOMEXKYTOYHON aTTECTALIUU.

[ToMemieHust I CaMOCTOSITENILHOW pabOTHI, OCHAIIEHHBIE KOMIBIOTEPHOW TEXHHUKOW U
JOCTYNIOM K ceTH VHTepHeT, B AJIEKTPOHHYIO HH(OPMAIIMOHHO-00pa30BaTENbHYI0 CpEAy U K
WH(POPMALMOHHBIM CIIPABOYHBIM CHCTEMaM.

Jlaboparopuu, o6opyaoBaHHble KoMibloTepamu (He Huxke 13, RAM 8Gb), npoexkropom

AymaTopun Ui TPOBENEHHUS 3aHATUH JIGKIMOHHOTO M CEMHHApPCKOTO  THIA
WHAUBUAYAIbHBIX M TPYIIOBBIX KOHCYIbTAllMd, TEKYIIETO KOHTPOJS U TMPOMEXYTOUHON
aTTeCTallU B CMEIIEHHOM Qopmate («AKTPY»).

14. Uupopmanusi 0 pa3paboTuuKax

Crenanenko Anpapeir AnexcanapoBud, HM Tomckuii rocygapcTBEHHBI YHUBEPCHUTET,
aCCHUCTEHT Kadephl OOIIEeTo CIaBIHO-PYCCKOTO SA3bIKO3HAHMS U KIACCUUECKOH (uionorun
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