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1. less 1 muIaHUpPYeMBbIe Pe3y/IbTATHI OCBOCHHS TUCHHUIINHBI

[{enbto OCBOEHMS TUCUUIUIMHEI SIBIIsieTcs (GOpMHUPOBaHHE CIAEAYIOUINX KOMIETEHIIHA:

[IK-4 Cnocoben pa3pabaTbiBaTh MPOEKTHI NMPHUKIATHON HANpaBICHHOCTH B 00JacTH
KOTHUTUBHOM M KOMIIBIOTEPHOW JIMHTBUCTHKM C IPUMEHEHUEM COBPEMEHHBIX TEXHUYECKHX
CPEICTB U MH(POPMAITMOHHBIX TEXHOJIOTHI, B TOM YHCIIE B 00JIACTH UCKYCCTBEHHOT'O MHTEIJICKTA.

Pe3ynprataMyu OCBOCHMS THCHUILIMHBI SBISIOTCS CIEAYIOIINAE UHANKATOPHI JTOCTUKEHUS
KOMIIETECHIIM:

UIIK-4.1 dopmynupyer uenb MNOpoeKTa NPUKIATHOW HaNpaBICHHOCTH B 00JacTH
KOTHUTHBHON M KOMIIBIOTEPHOI JIMHIBUCTUKH, OOOCHOBBIBACT HEOOXOJMMOCTb NPUMEHEHUS
COBPEMEHHBIX TEXHUUECKHUX CPEACTB U MH(OPMALIMOHHBIX TEXHOJIOTH, B TOM YHCIe B 00JacTH
UCKYCCTBEHHOI'O MHTEIIJICKTA

UIIK-4.2 Pa3zpabatbpiBaeT nporpaMmy JAEUCTBUN MO PEIICHHUIO 3a/lad MPOEKTa B 00JIacTH
KOTHUTUBHON U KOMIIBIOTEPHOM JIMHTBUCTUKU C Y4ETOM HMEIOIIUXCSA TEXHUUYECKUX CPEICTB U
MH(GOPMAILIMOHHBIX TEXHOJIOTHH, B TOM YHUCIe B 00J1aCTH UCKYCCTBEHHOTO UHTEIJIEKTa

NIIK-4.3 ObecnieunBaeT BHINOJIHEHHUE MMPOEKTA B 001aCTH KOTHUTUBHON U KOMIIBIOTEPHON
JUHTBUCTUKH C NPUMEHEHHEM COBPEMEHHBIX TEXHUYECKHX CpPEICTB M HH(POPMAIMOHHBIX
TEXHOJIOTHH, B TOM 4YHCIE B OOJIACTM HCKYCCTBEHHOI'O HWHTEJUIEKTa, B COOTBETCTBHU C
YCTaHOBJICHHBIMHU LIEJIIMH, CPOKAaMU U 3aTpaTaMu

2. 3aaa4¥ 0CBOCHUSA TUCHUILIHHDI

— OcBouTh MaTeMAaTHUECKHH amnmapaT aHajln3a S3bIKOBBIX SBJICHUN Ha 0a3e METOOB
HMCKYCCTBEHHOT'O MHTEJIJIEKTA.

— Hayuntbcst pa3pabaTeiBaTh U IPUMEHSATH Ha MPAKTHKE METO/IbI M3BJICUCHHS (DAKTOB M3
TEKCTa

— OcBouTh 0a30BbIE TPUHITUIBI PAOOTHI C TEKCTOBBIM MAaCCHBOM JIAHHBIX

— Pa30uparbcs v IPUMEHSITh HAa MMPAKTUKE Pa3IUYHbIC THITHI HEHPOHHBIX CeTel B 3a/1a4ax
00pabOTKH €CTECTBEHHOTO SI3bIKA

3. MecTo AUCHHUILVINHBI B CTPYKTYpe 00pa30BaTe/bHON MPOrpaMMbl

Hucnunnuna otHOCUTCS K biioky 1 «/lucuumianabl (MOTyn)».
JlucuumiuuHa OTHOCHTCS K 4YacTh 00pa3oBaTeNbHON Tporpammsel, (Gopmupyemoit
y4aCTHUKaMH 00pa30BaTEIbHBIX OTHOIICHUH, TIpe/jIaraeTcsi 00yJarommumMcs Ha BHIOOD.

4. Cemectp(bl) ocBOeHHS U (popMa(bl) IPOMEKYTOYHOM ATTECTAIMH MO AUCHUILIIHHE

IlepBbIit cemecTp, 3a4eT

5. Bxoanble TpeOOBaHNS A5l 0CBOCHUS THCHMUILINHBI

Jly1s ycrenmHoro oCBOCHUs JUCIHUILTUHBI TPEOYIOTCSl KOMIIETEHIIUH, c(hOpMHUpPOBaHHbBIE B
X0JIe OCBOCHHsSI 00pa30BaTeIbHBIX MPOTPAMM IMPEAIIECTBYIOIIECTO YPOBHS 00pa30BaHHSL.

Jns  ycmemHOro OCBOEHHWS JIUCIMIUIMHBI TPeOYIOTCS pe3yJbTaThl OOyYeHHS TI0
CIIeTyIOIINM JUCIUITMHAM: TUHTBUCTUYEeCKUE BBeieHne B NLP, 6a3bl naHHbIX, BBeAeHne B NLP,
MalIuHHOE 00yYeHHE

6. A3bIk peanuzanuu

Pyccknii

7. O0BbeM TUCHUILIHHBI

OO6mmas TpyJ0€MKOCTh JUCIUIUIMHBI COCTABISIET 3 3.€., 108 4acoB, U3 KOTOPHIX:
-nexkiuu: 10 4.
-IIPAKTUYECKHE 3aHATHSA: 16 4.



B TOM YHCJIE IIPAaKTUYECKask MOAroToBKa: 16 u.
O6beM caMOoCTOSTENIbHOM paboThI CTyI€HTA OIpeieieH Y4eOHbIM MJIaHOM.

8. Conepkanue TUCHUILVINHBI, CTPYKTYPHPOBAHHOE 110 TEMaM

Tema 1. BBenenne B KOMIBIOTEPHYIO JIMHTBUCTHKY: 11€JTH, 3a]]a4l, OCHOBHBIC TTOHSTHS,
HanpaBneHusi. NLP: coBpeMeHHbIe TeHIEHIIUU U TPOOIEMBI.

bnok 1. KoprycHas nuHrBucTHKa

Beenenue B UM u 3amaun NLP. Benapsr bAM

Tewma 1.4. Utorosas pabora: pazpadbotka xkopmyca (SQL, flask, Docker)

Bnok 2. NLP — O6paboTka ecTeCTBEHHOI'O SI3bIKa

Tema 2.1. IlapcuHr u CTpyKTypu3auus TEKCTOBOro MaccuBa JaHHbIX: BeatifulSoup,
Selenium.

Tema 2.2. IlpemoOpaboTka TEKCTOBOTO MacCHBa MJaHHBIX: CTEMHHT/JIEMMAaTH3AIUs,
oTrepaiuu HaJl CTpokamMu. VcripaBieHne omuOoK (rpaMMaTHIECKUX) B TEKCTE.

Tema 2.3. Bektopuzamus (WordEmbedings) — OneHotEncoding, Bag of Words,
word2vec, FastText, Glove, BERT, Transformers, T5

Tema 2.4. MartemaTudeckue orepanud Haja Bekropamu. CemaHTHYecKas OJIU30CTh,
CHATHE OMOHUMUMU.

Tema 2.4. 3amaun knaccupuxaruu: ML, BERT

Tema 2.5. V3BnedeHuWe MaHHBIX U3 TEKCTa: KOHTEKCTHO-CBOOOJHBIC T'PAMMATHUKH
(Tomita-parser, Natasha) vs transformers: Spacy

Tema 2.5. 3amauun renepauuu u cymmapusauuu: Seq2Seq, GPT

Tema 2.6. 3amaun nepeBona: Seq2Seq

Tema 2.7. ABTOMaTH4YECKOE paclO3HaABAHUE PEUH

Tema 2.8. MynbpTumonaansHbie cuctemsl: Visual Question Answering (VQA)

Tema 2.9. looOGyuenue moaeneit (GPT, Whisper). Penosuropuii huggingface

Tema 2.10. Utorosas pabora: pazpaborka moaenu NLP

brok2. Yat-60TsI

Tema 2.1 CxkpunrtoBslie 4aT-00TbI

Tema 2.2 Yar-60ThI HA OCHOBE

9. Texkyliuii KOHTPOJIb 110 AUCHUILIHHE

Texymmii KOHTPOJIb 00pa3oBaTeNbHON HporpaMMbl (0JI0Ka, TEMBI, pasjiena, MOIYJIs)
TpeOoBaHUSAM 00pa30BaTEIbHBIX CTAHAAPTOB IO HANPABICHHUSIM IMOATOTOBKH/CIIEIIUATBHOCTSIM.
Texyuuii KOHTPOJIb YCIEBAEMOCTH OOYyYaroIlMXcs HaMNpaBiIeH Ha ONpeleSiCHHEe COOTBETCTBUS
Pe3yJIbTaTOB 00YUYEHHsI I1OCJIE OCBOCHHUS JIEMEHTA MO JUCIMILIUHE MPOBOJUTCS IyTEM KOHTPOJIS
MOCEIIaeMOCTH, TPOBEJICHHUSI KOHTPOJIBHBIX pPadOT, TECTOB MO JICKIMOHHOMY MarepHaliy,
pa3pabOTKU KOJa, BHIMOJIHEHUs] JOMAIIHUX 3aJaHuil U (uxcupyercss B (popme KOHTPOIbHOU
TOYKHM HE MEHEE OJHOI0 pa3a B cemecTp. [IpumepHbIe 3a1aHNs TEKYIIEr0 KOHTPOJIS:

1. Hanummre mapcep misa caifta ria.tomsk.ru. Crpykrypupyiite Tekct B (opmare
csv/json/tsv 1o cieayromuM aTpudyTam: cChlIka, 1aTa MyOIMKaluu, 3arojloBOK, TEKCT, pyOpHKa.

2. Cozpaitre craprepy bJl (Horanmuss Yena, HoTauuss MapTuHa), YYUTHIBAIOLIYIO
MOpP(OJIOrHUECKYI0 pa3MeTKy TekcToB. Co3naiite KopIyc TeKCTOB U3 1 1.

2. Noobyunte MOjAETh CyMMapH3allMy 3arojoBka HOBOCTH M3 TEKCTa Ha 0a3e Mojenu
ruGPT

3. Hanummte KOHTEKCTHO-CBOOOIHbIE IPAaMMATUKH Ui TOMUTBI-Iapcep, U3BIEKAOIINE
naHHble 1o KOHCTPYKTY: {DPMNO-LomxHoCTs | -[["anaxkunckuii 9.B. — pexrop TT'V].

4. V3Bnekure U3 CHOPTUBHBIX HOBOCTEH NaHHbIe Mo cTpykrype: {Komanmal-Komanna-
Peynbrar-Cuer} — [LICK-«Kpbuibst coBeToB» - mobena-2:1]

5. CpaBnute cratuctudeckyro mepy TF-IDF y aByx tekctoB u3 HKPS, cratuctuuecku
OLIEHUTE BaXXKHOCTb CJIOBA (JIEKCEMbI) B KOHTEKCTE JIOKYMEHTA.

6. Ucnionw3yst BAM, 1000yuuTe TEKCT ¢ 1eNbI0 TeHEPAIMH 3aT0JIOBKOB



Jns nosropenust merona TF-IDF obpature BHumManue Ha mpeseHranuio TF-IDF.ppt c
TJIaBHOM CTPaHMIIBI Kypca.

Bribepure mouck omHoro ciosa B mobom noakopmyce HKPS (wnmm B aByX pasHbIX
nonkopmycax). CioBo BBoauTE B MOMCcKoBoi popme dopme "JIlekcuko-rpaMmaTHUeCKHii MOUCK",
a He B IOMCKE TOYHBIX (hopM. HUKaKuX JOMOITHUTENBHBIX I'PaMMAaTUYECKUX OTPaHUYECHUMH
YCTaHABIMBATh HE HYKHO. CpaBHHTE BaXKHOCTh ITOT'0 CJI0BA B JABYX Pa3HbIX TekcTax. KonndecTBo
cioBO)OpM B TEKCT€ MOXKHO YBHJETh B IEpEUHE MapaMeTpOB TEKCTa, €CIMU KIUKHYTh I10
Ha3BaHUIO TEKCTA.

O06pa3is! opopmieHus U Berancienus cM. B gaitne IPM_TF-IDF .xIsx

O0s13aTeNbHO NPUIIOKUTE U BCTABbTE MO/ COOTBETCTBYIOUIMMHU TaOIUIIaMU CKPUHIIIOTHI C
METaTeKCTOBOM HH(popMalmel (cM. B 0Opasiie) A MOATBEPKIACHUS JOCTOBEPHOCTH YUCIOBBIX
JTAHHBIX U3 TEKCTOB.

6. Pa3zpaboraiiTe yaT-00T A5 TypUCTHUECKOM KoMnaHuu. boT nomken onupartbes Ha B/1,
U3BJIEKaTh Jary, reonokanuto. Ilomydennole nanueie ¢GopmupoBath B SQL, a otBer
M0JIb30BATENI0. BO3BpalaTh — plaint text.

OuieHOUHBIE MaTepuasbl TEKYIIEro KOHTPOJsA pa3MelleHsl Ha caite TI'Y B paznene
«Undpopmanus 06 odpazoBaTenbHON mporpaMmey - https://www.tsu.ru/sveden/education/eduop/.

10. ITopsigok nMpoBeeHUs1 1 KPUTEPUH OLCHHBAHMS NPOMEKYTOYHOM aTTECTALNH

3ayer ¢ OLEHKOW B BOCBMOM CEMECTpe MPOBOJUTCS B MUCbMEHHOU (hopMe 1Mo OuiieTam.
DK3aMEeHAIMOHHBIA OWUJIET COCTOUT M3 TpeX udacTed. [IpomaomKUTEeIbHOCT 3a4eTa ¢ OIeHKOM |
yac. IlepBas wyacTe mpezacTaBisieT co0Oi OTBET Ha TEOPETUUECKUN BOMPOC B YCTHOM (opme,
nposepsronryto komnereHuun [1K-4, UTTK-4.1, UT1K-4.2, UT1K-4.3. OTBeThI Ha BONPOCHI IEPBOM
YaCTH JTAIOTCs ITyTeM BbIOOpa U3 CITUCKA MPEII0KESHHBIX.

[IpumepHBIi TepedeHb TEOPETUYECKUX BOIIPOCOB

1. Onummre THNIONIOrM3aluio HarpasieHHst «O0paboTKa eCTECTBEHHOTO S3bIKa

2. Onmmmre Mertonbl BekTopuzanuu cioB? Kakne MeToasl CyHIECTBYHOT HUX
IIPEUMYIIECTBA U HEAOCTATKU

3. Onmmwure NpUHIOUN paboThl METOoJa BeKTopu3amuu word2vec, OIMUIIUTE €ro
IIPEUMYIIECTBA U HEAOCTATKU

4. Onummre mpuHIUI paboTel Meroda BekTopm3anmu FastText, omummre ero
IIPEUMYIIECTBA U HEAOCTATKU

5. Jlaiite ompeneneHue paccTosiHusA. B Kakmx MeTomax oOpabOTKH €CTeCTBEHHOTO SI3bIKa
IIPUMEHSETCS JaHHbIN OAX0A?

6. ABTomMaTHueckas oO0pabOTKa €CTECTBEHHOIO sI3blKa, €€ Lenu U 3amaud. [Ipenmer u
00BEKT JaHHOM 00JIacTH 3HAHUM.

7. Ilpunuumn paboTbl KOHTEKCTHO CBOOOAHBIX IPaMMAaTHK

8. Omumute npuHimn padotst Word Embeddings: He3aBuCHMBIE OT KOHTEKCTa
MIPEJICTaBICHUS CIOB

9. Omnummre npuHiun pabotei Word Embeddings: 3aBucuMbie OT KOHTEKCTa
MIPEJICTaBICHUS CIIOB

10. OGyyeHHe WHTEUICKTYaJbHBIX CHUCTEM. BuABI 00y4aromuXcs HHTEIUICKTYaJbHbBIX
CUCTEM

11. [Ipeno6paboTKa JaHHBIX, TUIBI TPe10OPaOOTKH, €€ OCOOCHHOCTH.

12. 3amaun 1 MeTOIbI TeHEpauu TeKCTOB. MaHTHIOH O0YYCHHOU MOJICIIH.

13. [Ipunuuns! paboTs! HeliponHoii cetn GPT-3.

14. Onumurte MeTonbl U3BieUeHUs QakToB K3 TekcTa. ONUIIUTE UX MPEUMYIIECTBA U
HEJO0CTaTKH.

19. Onwumurte ¢opManabHble METPUKH TOYHOCTH pPalbOTHl KiaccupukatopoB. B yem
NpeuMyIIecTBa U HEJOCTaTKH (hOPMAIbHBIX METPUK?



Bropast yacte conepxkut onuH Bompoc, nposepstomui MITK-4.2, WUIIK-4.3, UIIK-3.4.
OTBeThI Ha BOIIPOCH! BTOPOM YacTH MPEIIONIATral0T PEIICHUE 3a/1a4 U KPATKYH MHTEPIPETALUIO
MIOJIyYEHHBIX PE3YJIbTaTOB.

[IpumepHBIii TepedeHb NPAKTUIECKUX BOIIPOCOB:

1. Kakue ¢dopmanbHble METPUKH HCIIONB3YIOTCS B 3aJlayax MPOBEPKU TOYHOCTU PabOTHI
MOJIeNIN KJIacCUu(PUKaIuu:;

a) f1

0) acceracy

B) BLUE

r) ROUGE

2. Yto Takoe HelipoH? Onumnmre 6a30Bble AITOPUTMBI PAOOTHI.

4. onumure npuHuun padorsr CNN.

TpeTbs yacTh npeaycMaTpUBAET 3alUTy UHIMBHUYAJIBbHOTO WX IPYNIIOBOTO IPOEKTA 110
oJiHOM n3 obsacteir NLP.

Pe3synbTaTsl 0cBOEHUS Kypca ONPEAEIAIOTC KPUTEPUIMHU «3aU4TEHO», «HE3AUTEHOY.

Kputepun oueHku 0OyCIOBIEHBI JIOTMYECKOM JeMOHCTpaluel MpHoOpeTEeHHBIX
KOMIIETEHIIMM B COOTBETCTBUU C TEKYLIEH INporpamMmoi. JleMoHcTpanus npeaycMaTpuBacT
YBEPEHHOE HCIIOJIb30BAHME TEPMHUHOJIOTMHM, IIOHUMAaHHE W KOPPEKTHOE HCIIOJIb30BAaHUE
MaTEMaTHYECKOTO anmnapara, IpeyCMaTpuBacT KOPPEKTHOCTh HAIIMCAHUS KO/, €r0 IOHUMaHKe
U KOPPEKTHOE MCIOJb30BAaHUE B HEM MAaTEMaTHYECKHX MeETON0B. OTMETKa «XOpOUIo»
BBICTABJIIETCS 3a CUET AEMOHCTPALIMY TIOJYyUYEHHBIX KOMIIETEHIIMH, BJIaJIcCHUE U TIOHUMaHNE KOAa,
TEOPETUYECKHX acClEeKTOB €ro NMPUMEHEHHs] B MpakTHKE paboThl ¢ TEKCTOBBIMH MacCHBAMH
JAHHBIX JONYCKalOTCAd HEAOYEThl B IOHATHUMHOM ammapare Marematuku. OtTmeTka
«yZOBJIETBOPUTEIILHO» TO3BOJISIET JOMYCTUTh OLIMOKM B pa3pabOTKe KoJa, HO YUYHUTHIBAET
MIOCJIEIOBATENbHYIO JIOTUKY W3JIOKEHUS CTPYKTYpbl KOJA, €ro MHTEpHpEeTaluio, CBA3b
TEOPETUYECKUX acCMeKTOB JIMHIBUCTUKM M MAaT€MaTUKH, JEMOHCTpalMs TOHHMaHUS XoJa
00paboTkK TeKcTa. MUHHUMANbBHBIM MOPOT «3auTeHo» cocTaiser 55-100 6amioB, Huxe 55 —
«HE3a4TECHO»

O1eHOYHbIE MaTepHajbl I MPOBEICHUS MPOMEXYTOYHOW aTTECTallMU pa3MeIleHbl Ha
caite TI'Y B pasmene «Uudopmamuss 00  oOpa3oBarenbHON — Mporpamme» -
https://www.tsu.ru/sveden/education/eduop/.

11. Y4yeOHO-MeTOANYECKOE O0ecIIeYeHue

a) DIIeKTPOHHBIN y4eOHBIA KypC MO TUCIUIUIMHE B DJIEKTPOHHOM yHUBepcutere « LMS
IDO» - https://Ims.tsu.ru/course/view.php?id=12998

0) OrleHOUHBIE MaTepHalibl TEKYIIETO KOHTPOJIS M TMPOMEKYTOYHOH aTTECTAlUU II0
JIHUCIUATUINHE.

B) [l1an ceMuHapCKUX / MPAaKTUYECKUX 3aHITHIA MO TUCIUTUINHE.

Cemunap Nel

1. [TapcuHr U CTPpyKTypHU3aLUs JaHHBIX

2. Pa3pabotka xopiryca

Cemunap Ne2

1. [TpenoOpaboTKa TEKCTOBBIX JAHHBIX

2. Jlemmatuzanus TEKCTOB IIpH MOMOIIH mystem/pymorpy/udipipe

Cemunap Ne3

1. bubmotexa NLTK st BeKTOpH3aIiuu ¥ aHan3a TEKCTOBBIX MAaCCHBOB JIaHHBIX

2. Bekropu3zanus TekcToB. [ IpuHIMIBI, METO B

3. CocTaBiieHue cioBapeil, n-rpaMbl

Cemunap Ne4

1. Transforers: reHeparust TeKCTa



https://moodle.tsu.ru/course/view.php?id=12998
https://moodle.tsu.ru/course/view.php?id=12998
https://moodle.tsu.ru/course/view.php?id=12998

5. Transforers: BOIIPOCHO-OTBETHbBIE CUCTEMBbI

Cemunap Ne6

1. Cokparienue npocTpaHCTBa MIPU3HAKOB

2. Buzyanuzanus U aHau3 TEKCTOBBIX JAHHBIX

[TonroToBka K MpoBeICHHIO TAOOPATOPHBIX pabOT HAYMHACTCS B HaYaJle TEOPETUIECKOTO
M3JI0KCHUS H3Y9aeMOM TEMBI ¥ TIPOIOJIKAETCS 10 X0y €€ M3yUeHHs TIPU OCBOSHUH MaTepHaia Ha
3aHATHSAX B paMKax MPaKTHUECKUX 3aJaHUi M paboTe HaJ HUM B XOJAE CaMOCTOSTEIbHOMN
MOJTOTOBKH JoMa W B OmOnmotekax. [lJiss Ka4ecTBEHHOTO BBIMOIHEHHS JTa0OPATOPHBIX padoT
CTyZ€HTaM HeOOXOA1MO:

1) MOBTOPHUTH TEOPETUIECCKUN MaTepHa IO KOHCTIIEKTY M YIeOHHKAM;

2) 03HaKOMUTbHCA C OMUCAHUEM J1TAOOPaTOPHON pabOTHI;

3) B cienuaabHOM TETpaIu IS Ja00paTOPHBIX padOT 3amucaTh Ha3BaHUE U HOMEP PaOOTHI,
nepevyeHb He0OX0IMMOT0 MPOrPAMMHOTO 00ECTIeYeHH S, TOATOTOBUTH aJITOPUTM WIIH KOJI;

4) BBISICHUTD LI€JIb paOOThI, YETKO NMPEACTaBUTH ce0e MOCTaBICHHYIO 3a7jauy U CIIOCOObI €€
JOCTIKEHUS, TPOAYMATh O’KUAAEMbIe PE3YJIbTaThl OIBITOB,;

5) OTBETHUTH YCTHO WMJIM MUCHBMEHHO Ha KOHTPOJBHBIE BOMPOCHI 110 M3y4aeMOW TeMe HITU
peLuTh psijl 3aj1ay;

6) u3yuyuTh TOPSAOK BBIMOJIHEHUS JabopaTtopHoil paboThl. IlogroToButh cpery
BBINOJIHEHUS KoJia K pabote. Ilocie mpoBepkH MpaBUIIBHOCTH ajIrOpUTMa paboThl MPOrpamMMbl
IpenoaaBaTesieM MOYKHO HaUYMHATh BHIIIOJTHEHHE Ja00paTOpHOI paboTHI.

1) Metoanyeckue ykazaHHs [0 OpraHU3allui CaMOCTOSITEIbHOM paboThI CTYICHTOB.

DopMBI caMOCTOSITEITBHOI PabOTHI CTYIEHTOB Pa3HOOOpa3Hbl. OHHM BKIIIOYAIOT B CEOS:

— M3y4YCHHE M CHCTEMATH3alMI0 TPAKTUYECKUX W TEOPETHUECKUX IPUMEPOB B PaMKax
BBINOJIHEHHSI TEKYIUX 3aJaHUi 110 MPEMETY;

— u3ydeHne y4eOHOU, HAyYHOH U METOAMYECKON JTUTEPATypPhl, MATEPUAIOB MEPUOTNICCKIX
U3JJaHUH C TPUBJICUEHHEM JJIEKTPOHHBIX CpPEACTB OQHUIMAIBHON, CTaTHCTUYECKOH,
NepUOANYECKON U HaydHOH HH(OpMAIIHH;

— MOATOTOBKY JIOKJIA/IOB M MTPE3CHTAIM, HAMCAaHHE TPOTPAMMHOTO KOJIa U €T0 OTJIa/IKa;

— y4acTtue B paboTe CTyAeHYeCKHX KOH(EpEeHIUI, KOMIUIEKCHBIX HayYHBIX UCCIIEOBAHUIX.

CamocTosaTenbHass paboTa HPUOOIIAET CTYACHTOB K HAy4YHOMY TBOPYECTBY, MOMCKY U
PEIIECHUIO aKTyaJIbHBIX COBPEMEHHBIX TPOOJIEM.
[TpumMeps! U1t cCaMOCTOSATENBHON pabOThI CTYAEHTOB:

12. Ilepeyennb yueOHOI JuTEpPaTyphl U pecypcoB cetu UHTepHeET

a) OCHOBHas JIuTeparypa:
— Jurafsky J., James H M. Speech and Language Processing: An Introduction to Natural
Language Processing, Computational Linguistics, and Speech Recognition with Language
Model. , 2024. Brim. 3. 591 c.
— Bacunbes H0. O6pabotka ectectBeHHOrO0 si3b1Ka. Python u spaCy na npaxtuke. : [Tutep, 2024.
358 c.
— Xo6con JI., Xannec X., Koyn X. O0paboTka eCTeCTBEHHOTO si3bIKa B AeicTBum. : [lutep, 2024.
597 c.
— ABTOMaTnyeckasi 00pabOTKa TEKCTOB Ha €CTECTBEHHOM SI3bIKE M KOMIIBIOTEpHAs
JUHTBUCTHKA: yueb. mocoodue / bompmakosa E.U. u np.—M.: MUDM, 2011.
— KorautuBHas u komnbioTepHas tuarBuctuka / Pen.: P.I'.byxapaes, B.Jl.ConoBnes,
JILIII.CyneiimanoB. - Kazanb: KI'Y, 1994, - 112 ¢
— bapanoB A. H. Beenenue B npuxiagnyto JuHrBucTuky. M., 2001. URL:
https://dislyget.ru/index.php?r=item/view&id=21065

0) TONOJIHUTEIbHAS JTUTEpATypa:



— 1. Tonpn6epr i. HelipoceTeBble METONEI B 06paGOTKE eCTECTBEHHOTO A3bIKA. © Litres, 2022.
284 c.
— Ioitatep 4. [Iporpammupyem ¢ PyTorch: Co3nanue npunoxeHuit riayo0Koro o0y4eHusl. :
ITurep, 2024. 289 c.
1. Thakur V., Tickoo A. Text2Gender: A Deep Learning Architecture for Analysis of Blogger’s
Age and Gender // 2023.
— Thomas A. Natural Language Processing with Spark NLP: Learning to Understand Text at
Scale. : O’Reilly Media, Inc., 2020. 367 c.
— Vajjala S. u ap. Practical Natural Language Processing: A Comprehensive Guide to Building
Real-World NLP Systems. : O’Reilly Media, Inc., 2020. 455 c.
— Tunstall L., Werra L. von, Wolf T. Natural Language Processing with Transformers. : O’Reilly
Media, Inc., 2022. 409 c.
— Rothman D. Transformers for Natural Language Processing and Computer Vision: Explore
Generative Al and Large Language Models with Hugging Face, ChatGPT, GPT-4V, and DALL-
E 3. : Packt Publishing Ltd, 2024. 731 c.
— Rothman D. Transformers for Natural Language Processing: Build, train, and fine-tune deep
neural network architectures for NLP with Python, Hugging Face, and OpenAI’s GPT-3,
ChatGPT, and GPT-4. : Packt Publishing Ltd, 2022. 603 c.
— Rothman D. Transformers for Natural Language Processing: Build Innovative Deep Neural
Network Architectures for NLP with Python, PyTorch, TensorFlow, BERT, RoBERTa, and
More. : Packt Publishing, Limited, 2021. 384 c.
—Rao D., McMahan B. Natural Language Processing with PyTorch: Build Intelligent Language
Applications Using Deep Learning. : O’Reilly Media, Inc., 2019. 256 c.

B) pecypchl cetu HTepHeT:

— OTKPBITBHIE OHJIAH-KYPCHI,

— Python noxymenTtanus https://docs.python.org/3/index.html;

— Penosutopuii HuggingFace https://huggingface.co/, GitHub https://github.com/;

— Google Colab https://colab.google/ n/mmm Kagle https://www.kaggle.com/;

— MyOJIMYHO JOCTyIHBIE oOsaunHble TexHosnoruu (Google Docs, SInaekc Auck u T.11.);

— s13bIK IporpammupoBanus Python https://www.python.org/.

13. IlepeyeHb MHPOPMALMOHHBIX TEXHOJIOT M

a) JMILIEH3MOHHOE U CBOOOIHO pacpoCTpaHIeMoe MpOorpaMMHOE oOecTieueHHe:

— TekcroBbie penakTopsl; MS Ofaice wmm mo0oit apyroi, notepad++ unu Sublime Text
— MyOIMYHO JOCTyIHBIE oOsaunble TexHosnoruu (Google Docs, SInaekc auck u T.11.);

— s13BIK MporpamMmmupoBanus u Python ver. > 3 u jupyter notebook (anaconda).

- CYB/] PostgreSQL

- [1O Mystem

- Coznanue okpyxenus: gitBash, Docker,

0) nH(hOpMaIIMOHHBIE CTIPABOYHBIE CHCTEMBI:

— DIIEKTPOHHBIN KaTajor Hayunoi O6ubIMOTEKN Ty —
http://chamo.lib.tsu.ru/search/query?locale=ru&theme=system
— DneKTpoHHast o6ubnnoreka (peno3uTopwuii) Ty -

http://vital.lib.tsu.ru/vital/access/manager/Index

B) npodeccruoHalIbHbIe 0a3bl NaHHBIX (MPU HATUYUL):
— HanronanbHbIN KOpITyC pyccKoro s3bika - https://ruscorpora.ru/

14. MaTepuanbHO-TeXHH4YECKOe o0ecreyeHue

Ayautopuu AJis IPOBEAEHUS 3aHATHI JIEKIIMOHHOTO TUIIA.


http://chamo.lib.tsu.ru/search/query?locale=ru&theme=system
http://vital.lib.tsu.ru/vital/access/manager/Index
https://github.com/

Aynuropun JUid TIPOBENEHHUS 3aHATHUA CEMUHApCKOro THIIA, WHAMBHIYAJIbHBIX U
TPYIIIOBBIX KOHCYJIbTAlUN, TEKYIIETO KOHTPOJIS M IPOMEKYTOUYHOM aTTECTAIUH.

[Tomermenust uIst caMOCTOSITENNFHONH paboThI, OCHAIIEHHbIE KOMIBIOTEPHON TEXHUKOH U
JOCTYNIOM K ceTu MHTepHeT, B 3JIEKTPOHHYI0 HMH(GOPMAILMOHHO-00pa30BaTEIbHYIO CPEy U K
MH(POPMALIMOHHBIM CIIPABOYHBIM CHCTEMAaM.

Jlaboparopuu, o6opynoBaHHbIe KOMIbIOTepamMu (He Hike 15, RAM 16Gb), mpoekropom

Aynuropun JUIsi  TPOBEICHMSI 3aHATUM JIEKIUOHHOTO U CEMHHApCKOro THIIA
HHIAWBUAYAJIbHBIX MW T'PYIIIOBBIX KOHCy.]'II)TaHI/II\/II, TEKYIIETO KOHTPOJA U HpOMe)KYTOLIHOI\/’I
aTTeCTalluy B CMEUIaHHOM (popmaTe («AKTPY»).

15. Undopmanus o paspadoTunkax

Crenanenko Anzapeit Anexcanaposud, HW Tomckuii rocynapcTBEHHBIH YHUBEPCHTET,
CTapIIHii MpernoaaBaTeb Kadeapsl 001IeH, KOMITBIOTEPHOW W KOTHUTUBHOW JTMHTBUCTHKH.

B) pecypchl ceTi HTepHeT:

— OTKPBITHIE OHJIAMH-KYPChI

— XKypnan «9kcnept» - http:// www.expert.ru

— Odunmanpupiii caiit ®enepanbHON CIyKO0bl TOCYJapCTBEHHON cTaTUCTHKU PD -
www.gsk.ru

— Odunmaneueiii calT BecemupHoro 6anka - www.worldbank.org

— O6mepoccuiickas Cerb Koncynprantllmoc CropaBouHass mpaBoBasi —CUCTEMA.
http://www.consultant.ru

13. IlepeyeHb MHPOPMALMOHHBIX TEXHOJIOT U

a) JMILIEH3MOHHOE U CBOOOHO pacpoCTpaHIeMoe MpOrpaMMHOe oOecTieueHHe:

— Microsoft Office Standart 2013 Russian: maket nporpamm. Bxirrouaet npunoxenus: MS
Office Word, MS Office Excel, MS Office PowerPoint, MS Office On-eNote, MS Office
Publisher, MS Outlook, MS Office Web Apps (Word Excel MS PowerPoint Outlook);

— MyOIMYHO JOCTyIHBIEe oOsaunHbie TexHonoruu (Google Docs, SInaekc qUCK U T.I1.).

0) nH(hOpMaIIMOHHBIE CIIPABOYHBIE CHCTEMBI:

— DIIEKTPOHHBII KaTajor Hayunoi O6ubIMOTEKN Ty —
http://chamo.lib.tsu.ru/search/query?locale=ru&theme=system
— DneKTpoHHast o6ubnnoreka (peno3uTopwuii) Ty -

http://vital.lib.tsu.ru/vital/access/manager/Index
— OBC Jlans — http://e.Janbook.com/
— OBbC KoncynbTaHT cTyaeHTa — http://www.studentlibrary.ru/
— ObpazoBarenbHas mwiardgopma FOpaiit — https://urait.ru/
— OBC ZNANIUM.com — https://znanium.com/
— OBC IPRbooks — http://www.iprbookshop.ru/

B) npodeccroHanbHble 0a3bl JAHHBIX (MPU HATUYUL):

— YHuBepcutetckas nHpopmannonsas cucrema POCCUS — https://uisrussia.msu.ru/

— Enunas mexBenoMcTBeHHas MHpOpMaIMoHHO-cTaTucTHueckas cucrema (EMUCC) —
https://www.fedstat.ru/

14. MaTepuanbHO-TeXHH4YECKOe o0ecreyeHue

Ayautopuu AJi TPOBEASHUS 3aHATHI JIEKIIMOHHOTO TUIIA.


https://uisrussia.msu.ru/
http://www.iprbookshop.ru/
https://znanium.com/
https://urait.ru/
http://www.studentlibrary.ru/
http://e.lanbook.com/
http://vital.lib.tsu.ru/vital/access/manager/Index
http://chamo.lib.tsu.ru/search/query?locale=ru&theme=system

Aynutopun A7 TPOBENEHHUs 3aHATUH CEMUHApCKOTO THIA, WHAMBUIYAJIbHBIX U
TPYHIOBBIX KOHCYJIbTALUH, TEKYIIETO KOHTPOJIS U IPOMEXKYTOYHOM aTTECTALIUH.

[Tomermenust uIst caMOCTOSITENNFHONH paboThI, OCHAIIEHHbIE KOMIBIOTEPHON TEXHUKOH U
JIOCTYIIOM K ceTH VIHTepHeT, B 3JIEKTPOHHYI HH(OPMalMOHHO-00pa30BaTENbHYIO Cpeay U K
MH(POPMALIMOHHBIM CIIPABOYHBIM CHCTEMAaM.

JlaGopaTopun, 060py/1I0BaHHEIE ...

AynmutopuM JUIs  TPOBEACHUS 3aHATHHA  JIGKIMOHHOIO M CEMHUHApCKOTro THIIA
WHIWBUAYAIBHBIX W TPYIIOBBIX KOHCYJIBTAIlMi, TEKYIIEro KOHTPOJIS H IMPOMEKYTOYHOMH
aTTeCTalluu B CMELICHHOM (hopMaTe (KAKTPY»).

15. Uupopmanms o paspadoTyuKax

®amuus Ums OTyecTBO, yueHas CTelieHb, YYeHOE 3BaHHe, MECTO PadOoThI, JOJKHOCTh



